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Abstract

Across the United States, suspension bans have become a popular policy response to ad-
dress excessive and inequitable use of suspension in schools. However, there is little research
that examines what strategies school staff employ when suspension is no longer permitted. I
examine the effect of New York City’s suspension ban on the use of a potential unintended sub-
stitute for suspension: special education classification. Using a dosage difference-in-differences
strategy, I find that the ban induced an increase in disability classifications at high risk for class-
room exclusion. I show that, on average, students with these classifications in schools with
high pre-policy reliance on suspension experienced large declines in test scores, whereas gen-
eral education students experienced slight test score improvements. Notably, I show that these
declines are not due to new, ban-induced classifications actively harming student achievement.
These results underscore the importance of considering unintended consequences and vulner-
able groups when employing a seemingly "costless" and popular policy lever to reduce schools’
reliance on suspension.
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For this reason he is sent to a special class. . . This is not because the backward class is the right place for him,

but rather because it furnishes an easy means of disposing of a pupil who, through no fault of his own, is an

unsatisfactory member of a regular grade.

Herbert A. Miller, 1916

1 Introduction

In recent years, education policymakers have restricted or banned the use of suspensions for
minor misbehaviors (e.g., profane language or behavior, repeated tardiness, habitual disruption
of the classroom, etc.). These policies were informed by extensive research that documents the
detrimental impact of exclusionary discipline (e.g., suspension or expulsion) on student outcomes
on average, and especially for marginalized groups (see Welsh and Little, 2018a,b). However, the
nascent research base regarding the efficacy of suspension bans lacks consensus on how these
policies impact student outcomes. Even more, no research has yet examined how student behav-
ior is addressed in the wake of a suspension ban—what methods are school personnel using when
suspension is no longer permitted? Understanding the potential alternative (and perhaps unin-
tended) strategies that disciplinarians use subsequent to the implementation of these policies is
important for determining the costs and benefits of such policies. For example, prior studies have
referred to suspension bans as "costless" (Craig and Martin, 2023), but if these alternative strate-
gies further stretch limited resources and result inworsened outcomes for specific subgroups, these
policies are not necessarily equitable or efficient.

In this paper, I understand suspension bans as capacity constraints on school staff’s permitted
responses to student behavior, which induces a substitution to alternative responses to student
behavior—some of which the policymaker may not intend. Guided by disability critical race (Dis-
Crit) theory, I identify a plausible unintended substitute for suspension: special education classi-
fication. DisCrit theorists suggest that special education may be used as a mechanism of exclusion
and behavior conformity (Kim et al., 2010; Annamma et al., 2013; Cruz et al., 2021). Specifically,
these scholars have suggested that special education may function as a new and legalized form of
segregation. I test this theory of disability classification as a mechanism of exclusion in the context
of New York City’s 2012 ban on suspension for minor offenses: I examine if the absence of one ex-
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clusionary strategy (suspension) may induce the use of another (special education). In addition,
I estimate ban-induced changes to students’ test scores and attendance and investigate potential
mechanisms by which these changes occur.

To estimate these ban-induced changes, I leverage variation in a student’s exposure to the sus-
pension ban—some students attended schools that had a high pre-policy reliance on suspension
while other students attended schools with low prior reliance on suspension. I employ a dosage
difference-in-differences estimation strategy and define "more treated" students as those who en-
rolled in schools with above-median pre-ban suspension rates, which were forced to substitute
to different strategies more than schools with low pre-ban suspension reliance. I find that the
2012 suspension ban induced an increase in disability classifications—by 2015, the proportion of
students classified with disabilities increased by 1.1pp more in above-median suspension schools
relative to below-median suspension schools, or 22% off the baseline.

I also explore heterogeneity within the "SWD" label. Guided by sociological frameworks that
distinguish classifications based on their social status (Fish, 2019), I demonstrate that students
with "low-status" disabilities (emotional disturbance or intellectual disabilities) are at high risk of
exclusion. In contrast, students with "high-status" disabilities (autism, other health, and speech-
language impairment) are not. Students with "stratified-status" disabilities (specific learning dis-
abilities) vary in their risk of exclusion depending on student race. This suggests that low-status
and, to an extent, stratified-status classifications may be close substitutes for suspension. Consis-
tent with this theory, I find that low-status and stratified-status classifications drive the post-ban
increases in disability classifications. The gap in low-status and stratified-status classification rates
between students in above- and below-median suspension schools increased by 0.5pp (71% off
the baseline) and 0.7pp (23% off the baseline) by 2015, respectively. I find no differential change
in high-status classifications. Estimates using individual classifications instead of status groups
produce similar patterns.

I also examine disproportionality in classification by student race and sex. Given that Black stu-
dents and male students are also subjected to suspension at higher rates than non-Black or female
students (i.e., are "more treated" by the ban), we should also expect that these students would
experience increases in classifications. I find that both Black students and male students were
more likely to receive a low- or stratified-status classification post-ban relative to non-Black and fe-
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male students, respectively. Further, I examine patterns of classification for Black students in high-
suspension schools and for male students in high-suspension schools using a triple differences
strategy. I find that male students in high-suspension schools drive the increases in low-status and
stratified-status classifications. There is minimal difference in classification rates between Black
and non-Black students in high-suspension schools; however, this finding is likely due to extreme
racial segregation in New York City Public Schools (NYCPS)—being a Black student in NYC is
highly synonymous with being in a high-suspension school.

In addition to identifying plausible estimates of the effects of suspension bans on special edu-
cation classification, I also estimate how SWDs on average were affected by the suspension ban rel-
ative to GENs. To do so, I compare outcomes for SWDs in high-suspension schools to outcomes for
GENs in high-suspension schools using the same dosage difference-in-differences strategy. I find
that SWDs classified with a low-status disability in high-suspension schools experienced declines
in math test scores (∼23% of a standard deviation) relative to their GEN peers, who experienced
slight improvements (∼4% of a standard deviation). For students with low-status classifications
in high-suspension schools, their ELA test scores decreased by ∼25% of a standard deviation rel-
ative to their GEN peers. Estimates based on Jackson et al. (2021) imply that these reductions are
equivalent to reducing per-student spending by∼$6000. I find negligible differential impacts of the
suspension ban on attendance rates for SWDs. However, I do find that GENs in high-suspension
schools experienced a 0.57pp reduction in attendance. While statistically significant, this estimate
is practically quite small, translating to 1.03 fewer days of school. Notably, changes in test scores
and attendance rates for students with stratified or high-status classifications—classifications that
are perhaps less likely to be stigmatizing/exclusionary—are no different than changes for GENs.

Ban-induced changes in student outcomes may arise from different mechanisms. It may be the
case that students who receive ban-induced classifications are harmed by these classifications. Si-
multaneously, it may also be the case that these test score declines are due to ban-induced changes
in the classroom environment (e.g., increased disruption, reduced clarity regarding rules and
norms, etc.). I test the role of newly identified, ban-induced classifications in contributing to these
achievement declines, employing a student fixed effects intent-to-treat estimator, which avoids the
issue of potentially endogenous student exit and re-entry to/from classification. I compare the
effect of being classified in a high-suspension school to the effect of being classified in a low-
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suspension school and, further, compare the differences in effects relative to the last classifica-
tion cohort before the ban (2011/12). I find that there is no difference in the effect of receiving a
ban-induced (post-2012) low-status classification relative to non-ban-induced classification (pre-
2012)—effect sizes remain similar across all years. Notably, the effect size of a stratified status clas-
sification onmath scores post-2012 grew slightlymore so for students classified in high-suspension
schools than for those in low-suspension schools. If anything, students with ban-induced classifi-
cations may have benefited from services more so than students with non-ban-induced classifica-
tions.

Taken together, I suggest that the reduction in SWDs’ test scores is likely not a byproduct of ban-
induced classifications functioning differently than non-ban-induced classifications—ban-induced
classifications functioned similarly or perhaps better than non-ban-induced classifications. Ruling
out this mechanism suggests that perhaps suspensionmay have prohibited these students from re-
ceiving services and, even if classification was used as a mechanism of exclusion, it was preferable
to suspension. As such, it may be the case that the reduction in test scores on average for SWDs
with low-status disabilities is primarily attributable to ban-induced negative peer effects and/or
rapid and unexpected changes to classroom norms, rules, and resources to which SWDs with low-
status disabilities may be exceptionally sensitive. As such, future suspension policy must not only
consider how disability classification may become more common (and, thus, require further re-
sources needed to serve these students), but also how certain SWDsmay not respond well to rapid
changes in classroom norms and rules.

In addition to providing key evidence for education policymakers seeking to improve the im-
plementation of discipline reforms and special education service provision, this paper draws on,
and contributes to, three strands of related literature. First, I contribute to the relatively nascent
literature regarding the efficacy of suspension restrictions. I rely on a context (NYC) that had
largely successful implementation without changes in other suspension types1 and document the
use of an understudied strategy of exclusion (special education classification). I also build on the
strand of literature that addresses the effects of suspension reform on student’s achievement out-
comes. Prior studies have foundmixed results—for example, Craig andMartin (2023), Karger and

1Craig and Martin (2023) show that disciplinarians in New York City did not simply record lower-level infractions
as higher-level infractions that would still allow for suspension, as was the case in California (Wang, 2022).
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Komisarow (2024), and Cleveland (2023) find that suspension bans in different contexts improved
student test scores in the aggregate, whereas Pope and Zuo (2023), Steinberg and Lacoe (2018b),
and Anderson et al. (2019) find harmful effects on test scores or absenteeism on average, driven by
negative peer effects or issueswith implementation. I provide the first estimates of how suspension
bans may differentially affect an exceptionally vulnerable group: students with disabilities.

Second, I contribute to the literature regarding theoretical and empirical links between suspen-
sion and disability classification. I draw from DisCrit to understand that these classifications may
function as tools of exclusion and “mechanisms of behavior conformity” (Cruz et al., 2021), specif-
ically for Black students and students of color (Kim et al., 2010; Blanchett, 2010). While most of
the prior literature on links between disability and suspension has been descriptive, I am, to my
knowledge, the first to establish a causal link as to how disciplinarians similarly use suspension
and special education: the absence of one (suspension) may induce substitution to the other (spe-
cial education). Further, I highlight the tension between the notion of disability classification as
a mechanism of exclusion and the need to provide students with the services they need to suc-
ceed (Kim et al., 2010) and suggest that special education may simultaneously be used as a tool of
segregation and support.

Lastly, my findings are relevant to the small, yet growing, quantitative literature on the effects
of special education (O’Hagan and Stiefel, 2024). I provide the first estimates using a heteroge-
neous treatment robust estimator and show how suspension policy context slightly moderates the
efficacy of these services in improving student outcomes. My findings generally align with the
literature that suggests that special education, both broadly and for the marginal student, leads to
increased educational attainment (Ballis and Heath, 2021b), improved test scores (Schwartz et al.,
2021; Hwang, 2024), and reduced suspension likelihood (Hurwitz et al., 2021).2 Notably, how-
ever, Black students may be adversely affected by misclassification (Ballis and Heath, 2021a). The
generally positive effects of special education (O’Hagan and Stiefel, 2024) are in contrast to the
well-documented phenomenon of suspension leading to worsened student outcomes (see, for ex-
ample Noltemeyer et al., 2015; Welsh and Little, 2018b; Sorensen et al., 2022; Bacher-Hicks et al.,
2019; Mittleman, 2018; Holt et al., 2022; Davison et al., 2021). As such, even if it is the case that

2Hwang (2024) uses a student fixed effects model and finds increased suspension likelihood for students with learn-
ing disabilities.
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newly classified students are receiving these classifications with the intention to exclude, it seems
that this strategy would be preferable to suspension.3

2 Existing Evidence on School Discipline Reform

Modern-day disciplinary codes of conduct have begun to move away from the zero-tolerance
paradigm, with schools, districts, and states implementing suspension bans and restrictions. These
reforms are motivated by the need to counter the negative effects of suspensions on those sus-
pended, and, in some contexts, the peers of those suspended (Steinberg and Lacoe, 2018b). For
example, suspending or expelling a student can lead to a lower likelihood of graduation (Sorensen
et al., 2022); increased rates of incarceration (Bacher-Hicks et al., 2019), arrest (Mittleman, 2018),
and contact with the juvenile justice system (Skiba et al., 2014; Sorensen et al., 2022); reduced
academic achievement and increased absenteeism (Noltemeyer et al., 2015; Holt et al., 2022); and
lower earnings (Davison et al., 2021). Further, school personnel persistently and disproportion-
ately discipline Black students, male students, students with disabilities (SWDs), and LGBTQ+
students (see Welsh and Little (2018b) for a comprehensive review of this literature). However,
suspension disproportionality for SWDs has been contested (Morgan et al., 2019; Elder et al., 2021).
Opponents of reform cite the role of peer effects—disruptive students negatively impact the learn-
ing environment for their peers—as well as a need to ensure safety in the classroom (Carrell and
Hoekstra, 2010; Carrell et al., 2018; Hwang and Domina, 2020).

One strand of literature regarding suspension bans focuses on implementation fidelity. Promi-
nent reforms in Philadelphia, Arkansas, and California experienced implementation challenges
that limited the ability to evaluate the average impact of the bans. Anderson (2018) finds that
Arkansas’ ban on suspensions for truancy did not affect the schools the policy targeted—schools
with high rates of truancy, suspension, and minority students were the least likely to comply.
In fact, the reform, on average, was associated with increases in absenteeism, driven entirely by
schools that did not comply with the reform (Anderson et al., 2019). Evidence from Philadelphia
tells a similar story of imperfect compliance (Steinberg and Lacoe, 2018b). For schools that suc-

3Of course, other alternative, recommended practices, such as restorative practices or progressive discipline are
likely preferable to inducing inefficiencies in the provision of special education. I elaborate on other potential (and
intended) strategies that may be used in the wake of the suspension ban in Section 3.
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cessfully implemented the reform, there were slight improvements in achievement for students at
high risk of suspension and a negligible impact on their peers. Peers in schools that only partially
complied, however, experienced declines in achievement and attendance. Lastly, Wang (2022)
presents evidence from restrictions on suspensions for willful defiance in a California school dis-
trict. Suspensions for willful defiance were reduced, but suspensions for more severe infractions
increased, even when the number of student infractions did not change. The substitution towards
documenting infractions as more severe is interpreted as an unintended behavioral response from
disciplinarians. Conversely, evidence from Lincove et al. (2024) suggests that this substitution to
other suspension types did not occur in Maryland. Similarly, a concurrent evaluation by Craig
and Martin (2023) shows that the New York City ban was met with fidelity from schools—the
suspension rate for infractions targeted by the ban was met with near perfect compliance and the
overall rate of suspensions for other infraction levels was also reduced, suggesting that the ban had
spillover effects on reducing suspensions for higher level offenses.

A second strand of literature documents suspension bans’ impacts on student outcomes. When
reforms are implemented with fidelity, as in the case of New York City’s ban on suspensions for
minor offenses, test scores improved on average for all students, which the authors attribute to im-
provements in school climate and, likely, the high compliance with the policy (Craig and Martin,
2023). Evidence fromMassachusetts’ efforts to reduce all suspensions presents similar results, with
the reform improving ELA test scores, absenteeism, and dropout rates (Cleveland, 2023). Reforms
affecting students in early grades in North Carolina (Karger and Komisarow, 2024) and Mary-
land (Lincove et al., 2024) successfully reduced suspension rates on average and for marginalized
groups. Similarly, Rhode Island’s reform also reduced suspension rates on average as well as sus-
pension disparities (Craigie, 2022). However, Baker-Smith (2018) documents that the NYC reform
increased racial disproportionality in multiple suspensions for ninth grade Black girls, suggesting
that the ban did not reduce disproportionality in suspension for some groups. Pope and Zuo
(2023) provide evidence from Los Angeles, where reductions in suspensions reduced test scores
on average—concentrated improvements for high suspension risk students were offset by small,
yet diffuse, impacts on low suspension risk peers.
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3 Conceptual Framework

Under the Bloomberg administration, New York City Public Schools (NYCPS) updated the
discipline code for the 2012-13 academic year to prohibit the use of suspension for disorderly be-
havior, also referred to as Level 2 infractions.4 The ban was announced in August of 2012, prior to
the start of the 2012/13 academic year and well after the end of the 2011/12 academic year, leaving
little room for teacher or administrator anticipation of the policy (Baker, 2012). The NYC suspen-
sion ban fundamentally restructured how school staff could address student behavior. Unless the
ban itself drastically (and immediately) improved the behavior of students, teachers would still
need a way to address misbehavior in the classroom as there are incentives to remove disruptive
students due to negative peer effects and to improve a teacher’s classroom capacity (Lazear, 2001;
Carrell andHoekstra, 2010; Carrell et al., 2018; Steinberg and Lacoe, 2018a;Welsh and Little, 2018a;
Pope and Zuo, 2023). Put simply, a suspension ban functions as a capacity constraint, generating
a necessary substitute for disciplinarians to turn to when suspension is prohibited.

Prior to the ban, students could be suspended for minor disruptions to the classroom, such as
gambling, lying, smoking, leaving class without permission, or "persistent non-compliant behav-
ior." Non-compliant behavior includes having an unexcused absence from school, being tardy, or
making too much noise in class or on school premises. Importantly, other alternative practices,
such as restorative practices (RPs) and progressive discipline were encouraged to address this be-
havior; however, the training that teachers received likely varied dependent on the culture of the
school or an individual teacher’s discipline philosophy. Moreover, RPs, even with sufficient staff
buy-in and successful implementation strategies, may take up to 3 years to shift attitudes toward
punishment and upwards of 5 years to fundamentally change a school’s culture (Fronius et al.,
2016). As such, these recommended practices were not necessarily implemented practices.5

Other ways that teachers may respond to the ban-induced capacity constraint to address "non-
compliant" and "disorderly" behavior also include referrals to and interactions with behavioral
teams. Indeed, the 2012 discipline code recommends the use of behavioral contracts/reports, re-
ferrals to pupil personnel teams, referral to counseling services, functional behavioral assessments

4Charter schools were not required to comply with this policy.
5Craig and Martin (2023) also suggest that RPs were difficult to immediately adopt in the New York City context:

"according to one teacher whose school used restorative interventions in the post-reform period, there were too many
disciplinary issues to resolve all of them in such a resource-intensive way"(p. 17).
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(FBAs) and behavioral intervention plans (BIPs), and interventions by counseling staff. Craig and
Martin (2023) also document that teachers began to remove students from just one class period
(e.g., send a student to the principal’s office). Each of these processes functions similarly to how
a student may be classified with a disability. While teachers may not intend for their students to
be classified, when required to substantially reform their management strategies, they may rely on
behavioral teams to provide support in the classroom. As a byproduct, there is an unintended in-
crease in the number of students who interact with teams that have the ability to classify students
with a disability. Assuming that these teams classify a consistent proportion of students as having
a disability and are not able to directly observe the “true” underlying disability, this means that
the total number of students with subjective disabilities should increase given the greater contact
between students and behavioral teams.

In addition to the mechanical mechanism by which disability classification may become more
common post-reform, the examination of this strategy as a potential unintended consequence of
suspension reform is motivated by the theoretical and empirical parallels between disability and
exclusionary discipline. Due to the relatively subjective nature of many classifications, their desig-
nation is based on academic performance, student behavior, an adult’s perception of that behavior,
and the structures in place to address a student’s behavior (Cruz et al., 2021). Dependent upon
the context, some behavior may instead be perceived as a disability and met with services, or may
be perceived as a student simply being “bad,” resulting in suspension. Indeed, Barnard-Brak et al.
(2023) estimate that 1 in 14 studentswho are expelled have an unserved disability. Further, existing
evidence documents the potential role that school context (e.g. student body racial composition)
plays in the perception of a student’s behavior—context that is outside of the control of the student
and unrelated to the presence (or absence) of an underlying disability or behavioral issue (Okono-
fua and Eberhardt, 2015; Bal et al., 2019; Fish, 2019; Chin, 2021; Cruz et al., 2021; Elder et al., 2021;
Stiefel et al., 2023).

Other empiricalwork also draws parallels between disability and suspension showing that both
suspension and subjective disability classifications are influenced by similar student misbehavior
(Bal et al., 2019; Huang, 2020; Cruz et al., 2021; Hurwitz et al., 2021). This is especially the case
with lower-level behaviors (e.g., disorderly or non-compliant) that have more malleable defini-
tions. Further, “well-behaved” students with disabilities are more likely to be included with their
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general education peers, suggesting that misbehaved students with disabilities are more likely to
be excluded from the GEN classroom (Anderson, 2021). While these studies do not document
a causal relationship between discipline and disability, the evidence suggests that they are intri-
cately related. As such, when examining the effect of a policy that affects one method of exclusion
(i.e., suspension), we should also expect the relationship between classification and exclusion to
change in tandem, especially for the marginal student whose behavior is exceptionally subjective.
Moreover, the persistent evidence regarding the disproportionate representation of SWDs in ex-
clusionary discipline motivates examination of a potential causal relationship between discipline
and disability (Welsh and Little, 2018b).

Theoretically, DisCrit scholars have also argued that "dis/ability status justifies segregation and
unequal treatment for students of color compared to their white counterparts" (Annamma et al.,
2013). Ableism and racism reinforce each other to justify exclusion and labelling of minority stu-
dents and further codify the need to "achieve normality" (i.e., to exclude racial minorities and
dis/abled students) into societal and educational goals. At its worst, race becomes synonymous
with ability such that an intellectual hierarchy becomes a racial hierarchy and vice versa. This rei-
fies the use of exclusion through at least two channels: exclusionary discipline and exclusionary
special education services. Indeed, Chin (2021) documents the increase in Black students being
referred to special education services in the wake of racial integration, and Fish (2019) documents
the greater prevalence of Black students in special education in schools with a higher proportion
of White students. In this vein, we can conceptualize special education classifications as poten-
tial mechanisms of exclusion, functioning to remove specific groups from the general education
classroom.

Simultaneously, designating a student with a disability allows for procedural protections and
services that are needed. Among other protections from exclusionary discipline, if a student is
classifiedwith a disability, they cannot be suspended formore than 10 dayswithout amanifestation
determination, which is an evaluation to determine if the behavior in question was a result of
a student’s disability. If the behavior was indeed a product of a disability, the student cannot be
removed for more than 10 days. For studentswithout disabilities, these protections are not afforded
(Kim et al., 2010). Further, there is a strand of literature that documents the benefits to other
student outcomes that disability classification provides (O’Hagan and Stiefel, 2024). While this
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evidence base is relatively small, existing evidence suggests that special education services improve
math and ELA test scores (Schwartz et al., 2021), disciplinary outcomes (Hurwitz et al., 2021), and
educational attainment (Ballis and Heath, 2021a).6

Importantly, the fact that special education classification provides procedural protections and
tends to improve student outcomes does not necessarily preclude the fact that it may also be used
as a mechanism of exclusion. The latter can still be true, especially when considering the coun-
terfactual: if a student were not excluded via special education, what would be the alternative
mechanism? Taken together, there arises a paradox: a student may be classified with a disability
as a mechanism of exclusion but simultaneously and be afforded protections from exclusion and
needed services upon classification. Regardless of whether students are receiving classifications
as a mechanism of exclusion or as needed services, we would expect that classification should
increase post-reform.

There is also substantial heterogeneitywithin the "SWD" label. Some classifications carry higher
stigma and greater exclusion from the general education classroom, whereas others may carry a
positive connotation and more inclusive services. Fish (2019) proposes a framework for under-
standing differences across classification types, grouping classifications into "low-status", "strati-
fied status", and "high-status" based on their degree of exclusion and stigma associated with each
label.7 Low-status classifications are stigmatized as being for poorly behaved students or thosewith
a “deficit in . . . intelligence” (Fish, 2019). Students with low-status classifications spend less time
with their general education peers and, as a result, may be unable to access the benefits that inclu-
sive classrooms may provide (Myderrizi, 2023; Anderson, 2021; Theobald et al., 2019). Moreover,
Black students are persistently over-represented in low-status classifications, whereas non-Black
students are over-represented in high-status classifications (Blanchett, 2010).8,9 Stratified-status

6As noted in O’Hagan and Stiefel (2024), these studies do not necessarily imply causality.
7Fish (2019) identifies autism, other health, and speech-language impairment as high-status classifications; emo-

tional disturbance and intellectual disability as low-status; and specific learning disability as stratified-status.
8This is also observed in my data. See Tables A1 and A2 for racial differences in disability classification.
9It is important to note, however, that conditional on teacher-rated behavior and social skills (Morgan et al., 2015),

health status at birth (Elder et al., 2021), or kindergarten academic difficulties (Morgan et al., 2023), disproportionality
is reversed such that Black students are under-represented in special education and are no more likely to be excluded
from the general education classroom (Morgan et al., 2019). However, there are unresolved debates regarding dispro-
portionality estimates that control for these characteristics (Collins et al., 2016; Skiba et al., 2016): it may be the case
that including specific covariates controls away variability that, in practice, may not be realistic. For example, teachers,
because of implicit bias, systematically rate Black students’ behavior and social skills different from White students.
This means forcing a ceteris paribus comparison between Black and White students on this dimension creates an out-
of-sample prediction that controls away bias that is relevant to disproportionality estimates.
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classifications are higher status for specific groups in that they have been used by advantaged
families (i.e., White and high-income) to receive additional services, but function as a “dumping
ground” for families of color (Blanchett (2010) via Fish (2019)).

Given the heterogeneity within the SWD label at baseline, there is likely heterogeneity in the
types of classifications that are expected to increase post-ban. Prior to the ban, teachers may have
relied too heavily on suspension, diverting students away from receiving services and, instead,
labeling them as “bad”, rupturing the connection that a student had with a school, and inducing
a self-fulfilling prophecy of misbehavior (Kennedy-Lewis and Murphy, 2016). In the absence of
suspensions, however, students are diverted towards teams that can determine and, ultimately do,
classify a student with a disability. If this hypothesis holds true, we should expect that classifica-
tions, especially those with greater inclusion and less stigma (i.e., high-status and, to an extent,
stratified status classifications), should increase as it is less likely that these services are function-
ing to remove specific students from the classroom—students who do not carry a high-stigma label
are more likely to be included in the classroom. Conversely, if increases in classifications are con-
centrated primarily among low-status classifications, this would suggest that these classifications
may have been used as a mechanism of exclusion.

Amidst increases in disability classifications, it is unclear how these students would be affected.
If these classifications are functioning purely as a mechanism of exclusion, we may expect a stu-
dent’s outcomes may be harmed if they do not benefit from certain services and are simply labeled
with a disability classification. This may be especially salient for low-status classifications. It may
also be the case that students are now receiving needed services instead of being met immediately
with suspension. In this case, these students on the margin of service reception likely benefit from
being classified (and also being less likely to be suspended).

More generally, we may expect that SWDs on average (both those newly and previously clas-
sified) experience a differential impact of the suspension ban relative to their GEN peers. Given
that SWDs at baseline are more likely to be suspended relative to GENs, a ban on suspensions may
benefit SWDs’ achievement insofar as they benefit from increased class time and a greater connec-
tion to their school, peers, and teachers. However, SWDs may also be exceptionally sensitive to
changes in the schooling environment (O’Hagan et al., 2023). Further, a systematic review from
Maciver et al. (2019) suggests that consistent and clear routines, rules, and norms are essential for
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SWDs’ participation in the classroom, broadly. These rules are especially salient for students with
emotional behavioral disorders (EBD), which is the most common low-status classification. Simp-
son et al. (2011) highlights nine essential environmental supports for EBD students, which include
not only clear and consistent rules, but also uniform feedback when rules/norms are violated as
well as reducing student exposure to disruptive environments. In the context of a suspension ban,
it is likely the case that changes to the rules and norms (even if they are presumably more inclu-
sive) may be a difficult adjustment for students with an EBD classification. Further, these students
may be especially sensitive to potential increases in disruption induced by the suspension ban.
These potential outcomes may apply to both students already classified with a disability prior to
the suspension ban, as well as those students who are newly classified.

4 Data

4.1 Administrative Data

I use student-level, administrative data provided byNYCPS ranging from the 2007/08 to 2014/15
school year. I limit my estimation to pre-2015 years due to a second wave of discipline reform that
began in the 2015/16 school year. The data include information on a student’s grade, school at-
tended, standardized middle school math and reading test scores,10 demographic characteristics
(race/ethnicity, sex, FRPL status, ELL status), whether a student was classified as a SWD, and their
specific classification, if applicable. I include all students in middle and high schools in New York
City, but exclude charter schools from the sample.11 Ultimately, the sample covers over 500,000
unique students in over 700 middle and high schools throughout the city.

NYCPS did not collect information on disability type in the 2012-13 school year, but they did
collect information on whether a student had any disability classification. To determine the dis-
ability type in 2013, I first assume a consistent disability classification for students classified in 2012

10I use a time invariant measure of reading and math achievement, equivalent to the mean of a student’s pre-ban
middle school test scores. Implicitly, this requires that students must have at least one test score to be included in the
analytic sample.

11Charter schools are subject to their own disciplinary regime and are, therefore, not subjected to the suspension ban.
Moreover, they were not required to accept SWDs prior to the policy change, making them an implausible comparison
group. Additionally, I only use schools that reported suspension rates in the year before the ban, limiting the influence
that newly opened schools may have on results, while also allowing for inclusion of schools that opened prior to the ban
but were not observed in all years. This restriction is also key, as I use the 2011-12 school-level suspension rates to define
treatment. Ideally, student-level suspension data would be used. See Section 5 for further discussion of this limitation.
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and 2014. After this process, I use a multinomial logit utilizing all non-charter middle and high-
school students, with student and school characteristics, to predict the classification (either high,
low, stratified, or hard) that is most likely based on the student’s 2014 and 2015 data. This process
applies to less than 1 percent of all observations, 97.2 percent of which are sorted into a stratified-
status classification, with the remaining 2.8 percent allocated to high-status classifications.12

4.2 Descriptive Statistics

Descriptive statistics and 2011/12 baseline differences in disability classification rates are pre-
sented in Tables 1 and A1, respectively. Hispanic students are the largest racial group in New York
City, making up 40 percent of the student body, followed by Black students (30 percent), Asian
students (16 percent), and White students (13 percent). Nearly 16 percent of students in NYCPS
are classified with a disability. 9.8 percent are classified with a stratified-status disability; 4 per-
cent, high-status; 1.2 percent low-status; 0.03 percent "hard" classifications (deafness, blindness,
deaf-blindness, orthopedic impairment, traumatic brain injury, and hearing impairment). Male
students and students in high-suspension schools are more likely to have any disability classifi-
cation, but Black students are more likely to have stratified and low-status classifications and less
likely to have high-status classifications.

Table A2 breaks down the specific classification type for each status category. Of high-status
classifications, other health impairment (primarily ADHD) is the most common, and of low-status
classifications, emotional disturbance is most common. Specific learning disability is the most
common classification of all. Students with low-status classifications, on average, are dispropor-
tionately served in self-contained classrooms—low-status classifications comprise only 7.77% of
classifications, but 13.79% of classifications served in self-contained settings. Those with stratified-
status classifications are less likely to be excluded on average. High-status classifications are gen-
erally proportionately excluded. SWDs in above-median schools, Black SWDs, and male SWDs
are all more likely to have low-status disabilities. For Black and male students, this risk is nearly
double that of their respective comparison groups. Conversely, Black students and students in
high-suspension schools are generally less likely to have high-status classifications.

12These imputations do not drive my results. I conduct a robustness check in FigureA4 that uses the non-imputed
SWD indicator as my outcome, finding that my results for all specifications align.
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While male SWDs are less likely to have a high-status classification, of those that do receive
high-status classifications, male SWDs are more likely to be in self-contained classrooms than fe-
male SWDs with high-status classifications. Black SWDs are more likely, regardless of status, to
be in self-contained classrooms. SWDs in above-median suspension schools are also more likely
to be excluded regardless of classification, with the exception of those with an intellectual disabil-
ity classification. Overall, these descriptive facts largely align with the criteria presented by Fish
(2019). As such, I use these groupings to produce my primary results and conduct robustness
checks using these individual classification types (Figure A5).

4.3 Examining Trends in Treatment and Outcomes across Time

At a baseline, it must be the case that the ban was implemented with fidelity and substantially
reduced the use of suspension. Figure 1 presents raw suspension rates for schools with above-
median and below-median suspension rates. For schoolswith above-median 2012 suspension rates
(above 6 percent), 12.5 percent of students were suspended in 2012, whereas in below-median
suspension schools, only 3.3 percent of students were suspended. In the year immediately after the
ban, suspension rates in above-median suspension schools dropped by 10.1 percentage points (pp)
to an average of 2.4 percent of students being suspended on average. Below-median suspension
schools only experienced a 2.3pp drop in suspensions, with an average of 1 percent of students
being suspended in these schools in 2013. This sharp reduction in suspension rates—which is
significantly larger for above-median suspension schools—is the key source of identifying variation
in my empirical strategy.13

Table 2 displays regression adjusted changes in classification rates for all students relative to
2011/12.14 On average, the proportion of students classified with subjective disabilities increased
post-ban. Stratified-status and high-status classifications drive these increases, with stratified-
status classifications increasing by 1.7pp from the baseline 2012 classification rate of 9.4 percent,
and high-status classifications increasing by 1pp from the baseline rate of 4.1 percent. While small

13This drop in suspension rates largely aligns with that documented in Craig and Martin (2023).
14This is estimated using an interrupted time series model with disability classification as the outcome variable using

school-grade fixed effects and year indicators with 2012 being the omitted year. As such, these coefficients indicate the
change in classification rates on average relative to 2012. Student-level controls, including sex, race, ELL status, FRPL
status, years present in the administrative data, and average pre-ban reading and math scores are also included, as well
as a linear time trend interacted with school-level average pre-ban share of students with disabilities. I do not interpret
these estimates as causal.
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in absolute magnitude, from their baseline, high- and stratified-status classification rates increased
by 24 and 18 percent, respectively. Low-status classifications also increased on average, increasing
by 0.4pp from the baseline classification rate of 1.2 percent, or a 33 percent increase.

5 Empirical Strategy: Ban-Induced Changes in Classification Behavior

5.1 Event Study Difference-in-Differences

To identify the causal effect of the ban, I rely on the fact that some students were affected more
by the suspension ban than others (i.e., some students received a higher treatment “dosage”),
following a strategy used in Craig and Martin (2023) and Cleveland (2023) and, to an extent, in
Ballis and Heath (2021a). As shown in Figure 1, there is substantial variation in the dosage of
the suspension ban "treatment." As such, I estimate dosage difference-in-difference models where
treatment status is determined bywhether a school is above the 2011-12 district median suspension
rate of 6 percent. Schools that relied more heavily on suspension than average would be forced to
reduce their suspension use more so than a school that barely suspended students even when
suspension was an option.

Ideally, I would be able to assign treatment status given a school-grade’s suspension rate for
level 2 infractions specifically as in Craig and Martin (2023), however the data available do not
allow for simultaneous examination of specific disability classification and individual suspension
records. As such, I rely on suspension data aggregated to the school-level to determine treatment
status. This means that there is likely noise in treatment assignment. For example, a school could
be identified as treated, but its suspensions consist of only Level 3 infractions. This school would
be relatively unaffected by the ban, but would be identified as treated due to its high reliance on
suspension on average. Therefore, the estimates presented are attenuated and are likely a lower
bound for effect sizes.

I estimate the following equation:

SWDisgt,j = β + αsg +
2015∑

k ̸=2012

ρk,j [1(t = k)× 1(High Risks)] +Xisgtϕ+Xstη + ϵisgt

where αsg is a school-grade fixed effect;Xisgt are time-varying student characteristics; SWDisgt,j is
an indicator for being a student i in school-grade sg in academic year t with a disability classifi-
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cation of type j where j = {low, stratified, high}; ρk,j are the coefficients of interest, where “High
Risk” indicates attending a school with above-median 2012 suspension rates15; ϵisgt is an idiosyn-
cratic error term with the usual properties;Xst are time-varying school characteristics and include
a linear time trend interacted with a school’s pre-ban SWD classification rate. The coefficients ρk,j
can be interpreted as the difference-in-difference estimate—that is, the difference in the classifica-
tion rates between high- and low-suspension schools, relative to their 2012 difference.16

In addition to some schools being more subject to treatment than others, certain demographic
groups are also more treated. As such, I also provide estimates of changes in racial and gender
disproportionality in disability classification, modifying equation 5.1 to one in which "High Risk"
is either an indicator for a student being Black or an indicator for a student beingmale. To an extent,
these estimates can also be thought of as dosage treatments, insofar as Black andmale students are
over-represented in suspension and, thus, more affected by the ban regardless of the school that
they attend. As such, I compare changes in classification rates for Black students relative to their
non-Black peers and effects for male students relative to their female peers.17

5.2 Event Study Difference-in-Differences: Moderation by Race and Sex

Given the coarseness of using school-level suspension rates to define my primary treatment, I
aim to further pinpoint the impact of the suspension ban by relying on the fact that within schools
certain demographics (Black students andmale students) are over-represented in suspension rates.
This allows me to examine within-school variation in treatment intensity, again, so long as being
Black or being male increased the likelihood of suspension in the pre-ban period. I estimate a fully
interacted model of the following form:

SWDisgt,j = β+αsg+
2015∑

k ̸=2012

ρk,j [1(t = k)×1(High Suspensions)×1(Demographicisg,c)]+Xisgtϕ+Xstη+ϵisgt

where Demographici,c is a time-invariant indicator variable for characteristic c of student i in
15I also estimate a specification where treated is a continuous variable equal to a school’s 2012 suspension rate stan-

dardized to a mean 0 and standard deviation of 1, similar to the dose-response design used in Ballis and Heath (2021a).
I also define treatment as being in the second or third tercile of 2011/12 suspension rates.

16This is not a traditional event study difference-in-differences estimation strategy inwhich there is a “clean” compar-
ison group that is completely untreated. Nevertheless, the use of the event study difference-in-differences framework is
helpful to understand how the ban differentially affected students in contexts that were more affected relative to those
that were less affected (Craig and Martin, 2023; Cleveland, 2023).

17Hispanic students are not over-represented in suspensions and have similar suspension rates to White students.
To better represent the New York City context, I include White, Asian, Hispanic, and Other students in my comparison
group when investigating Black students’ disproportionality in discipline.
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school-grade sg where c = {Black, male}. The coefficients of interest are ρk,j and indicate the
differential change in classification rates for being a high suspension risk demographic within a
high-suspension school relative to a low suspension risk demographic in a high-suspension school.
All other parameters retain the same meaning as in equation 5.1.

6 Results: Ban-Induced Changes in Classification Behavior

6.1 Effect on SWD Identification

Table 3 and Figure 2 present estimates for the differential effect of the suspension ban between
schools with high and low suspension reliance. Relative to low-suspension schools in 2012, stu-
dents in high-suspension schools in 2015weremore likely than students in low-suspension schools
to be classified with a subjective disability. Differential increases in classification rates are driven
by stratified-status and low-status classifications—classifications that possess greater stigma and
exclusion from the general education classroom. The gap in classification rates between low- and
high-suspension schools increased by 0.7pp (p < 0.01) for stratified-status classifications by 2015
(∼23 percent from the baseline difference of 3.1 percent) and 0.5pp (p < 0.001) for low-status
classifications in 2015 (∼71 percent from the baseline difference of 0.7 percent), relative to the
2012 baseline difference. Increases in low-status classifications were driven primarily by high-
suspension schools—there is little increase in low-status classifications for low-suspension schools.
No estimates are significant for high-status classifications—low- and high-suspension schools in-
creased their high-status classifications at similar rates relative to 2012. These estimates suggest
that the schools in which we would expect a substitution effect to occur are, indeed, induced to
classifying students with low- and stratified-status disabilities.

6.2 Treatment and Disproportionality by Race and Sex

Next, I estimate specifications in which "High Risk" is either an indicator for a student being
Black or an indicator for a student being male. These estimates can be thought of as a different def-
inition of treatment given that Black and male students are more likely to be suspended.18 In ad-

18This is true throughout the literature, as well as in the NYC context as demonstrated by Craig and Martin (2023)
and (Rodriguez and Welsh, 2022).

18



dition to these estimates being understood as difference-in-difference estimates, we can also think
of these estimates as racial and gender disproportionalities in classification rates.

Table 4, Panel A and Figure 3, Panel A present estimates comparing Black students to non-Black
students. At the 2012 baseline, Black students are more likely to be classified with stratified and
low-status disabilities and less likely than non-Black students to be classifiedwith a high-status dis-
ability. By 2015, the gap in disability classification between Black and non-Black students widened
by 0.7pp (p < 0.001) for stratified-status classifications and by 0.5pp (p < 0.001) for low-status
classifications, approximately 30 and 45 percent from their respective baseline differences.19 There
is no differential change in high-status classifications between Black and non-Black students. In line
with prior literature, Black students are more likely to be labeledwith high stigma, more restrictive
classifications especially when other exclusionary methods are not available, namely, suspension.
Lastly, despite Black students’ over-representation in suspension, they remain just as likely as their
non-Black peers to experience an increase in the probability of a high-status classification.

I also provide estimates comparing male students to female students in Table 4, Panel B and
Figure 3, Panel B. Indeed, in 2012, male students were more likely to receive any subjective clas-
sification type than their female peers. Subsequent to the ban, this gender disproportionality in
subjective disability classification increased, driven, perhaps unsurprisingly, by stratified-status
and low-status classifications. Like Black students, male students are no more likely to receive a
high-status classification after the ban than their female peers, except in 2013. I interpret these
results with caution given significant pretrends.

6.3 Moderation by Race and Sex

Lastly, I estimate two triple difference specifications: first, one that interacts year indicatorswith
being Black in a high-suspension school and, second, one that interacts year indicators with being
male in a high-suspension school. While there is greater gender balance across above- and below-
median suspension schools, there is a concentration of Black students in above-median schools.20

19Figure A2 presents estimates comparing Black students to White/Asian students.
20Estimates that use non-Black students as a comparison group are difficult to interpret due to extreme sorting based

on race/ethnicity in high- and low-suspension schools. High-suspension schools are disproportionately Black and
Hispanic, whereas low-suspension schools are disproportionately White and Asian. As such, the non-Black compari-
son group in high-suspension schools consists of primarily Hispanic students, whereas the comparison group in low-
suspension schools is predominantly White. The sorting of Black students into high-suspension schools—essentially
making being in a high-suspension school synonymouswith "Black"—aswell as the variability of the comparison group
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Estimates for the triple difference by school type and race are presented in Table 5, Panel A and
Figure 5. These estimates suggest that Black students in low-suspension schools are increasingly
more likely than non-Black students to be classified with a high-status disability, whereas Black
students in a high-suspension schools experience a decrease in high-status classifications relative
to their non-Black peers. For schools with less punitive environments, it appears as though stu-
dentswho are over-represented in suspension begin to receive services. However, over-represented
students, on average, are simultaneously more likely to receive low-status classifications.

To further investigate whether the effects observed are due to special education being a substi-
tute for suspension, I estimate the ban’s effect onmales in above-median suspension schools. Figure
4 and Table 5, Panel B present these results. The difference in classification rates betweenmales and
females growsmore in high-suspension schools than in low-suspension schools. The same pattern
occurs for stratified-status classifications, although it is not statistically significant. Notably, there
is no difference in high-status classification rates between males and females in high-suspension
schools and males and females and low-suspension schools. Taken together, there is suggestive
evidence that the effects are most prominent where we would expect (high-suspension schools)
and, within these contexts, for students who are more affected by the suspension ban.

6.4 Robustness to Identifying Assumptions

6.4.1 Parallel Trends

For the event study difference-in-differences model to uncover causal effects of the ban, the
primary assumption is that prior to the policy change, the treatment and comparison groups were
trending similarly in their classification behavior, that is, these groups are plausible counterfactuals
for each other. This implicitly assumes that, if but for the ban, these two groups would have con-
tinued on this same, parallel trend. Importantly, this does not necessitate that these groups have
similar baseline levels of SWD classification, instead, that their trends prior to the ban were the
composition makes these estimates difficult to interpret, even with school-grade fixed effects. As such, I also use White
and Asian students as the comparison group to maintain greater consistency of the composition of the comparison
groups in high vs. low-suspension schools, as well as allow some comparability with estimates that are common in the
literature (i.e., Black-White disproportionality). Appendix Figure A3 and Table A4 present these results between Black
and White/Asian students. These estimates suggest that Black students in above-median suspension schools are more
likely to receive a low- or stratified-status classification, but these results are not statistically significant at conventional
levels.
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same. While I cannot directly observe the counterfactual world in which high-suspension schools
were not affected by the suspension ban, I can test for parallel pre-trends, which can be observed
in each figure with point estimates for the 3 years leading up to the ban being no different from
zero.

6.4.2 Falsification Test

For special education classification to be a plausible substitute for suspension, there must be an
overlap in how both disabilities and suspensions are assigned. In short, the observed increase in
special education classifications should only be due to increases in classifications that are subjec-
tively determined and there should be no change in the prevalence of hard classifications, which
are more objectively determined. As a falsification test, I estimate the effect of the suspension ban
on the incidence of hard classifications, which includes deafness, blindness, deaf-blindness, ortho-
pedic impairment, traumatic brain injury, and hearing impairment.

I re-estimate the basic trends in classification and all primarymodels: high- and low-suspension
treatment, Black vs. non-Black students, and male vs. female students. Table 6 presents these es-
timates. For all models, there is no change in hard classifications post-ban. This suggests that the
persistent result of increases in disability classifications post-ban are not spurious correlations and
are, indeed, due to changes in how behavior is addressed in a school. Additionally, when esti-
mating the impact of the ban by specific disability type (Figure A5), I find that emotional distur-
bance drives the estimates for low-status classifications, with little change in intellectual disability.
Emotional disturbance is exceptionally malleable, with criterion being as simple as "an inability to
maintain satisfactory relationships with teachers and peers" (USDOE, 2018). Conversely, the cri-
teria for intellectual disability is "significantly subaverage general intellectual functioning, existing
concurrently with deficits in adaptive behavior and manifested during the developmental period"
(USDOE, 2018). As such, we may expect the more malleable category to be more affected by the
ban, which I observe in Figure A5, Panels B, D, and F.

6.4.3 Alternative Treatment Specifications

I also estimate an alternative specification of treatment intensity using a continuous measure
of suspension rates instead of a dichotomous measure. I use a school’s 2011-12 suspension rate
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standardized to a mean of 0 with a standard deviation of 1 and find that low and stratified-status
classifications increased more in schools with higher suspension rates (Figure A1, Panel A). I also
provide an alternative measure of treatment, using terciles of pre-ban suspension rates to define
a non-parametric gradient of treatment as in Sun et al. (2024). I find that these results are as ex-
pected—estimates from comparing schools in the second tercile of suspension to schools in the first
tercile are slightly smaller in magnitude than those frommy primary specification. Estimates from
comparing third tercile suspension schools to first tercile suspension schools are slightly larger in
magnitude. Results using these measures of treatment can be found in Figure A1 Panels B and C.
Additionally, to alleviate concerns regarding imputation of classification type in 2013, I estimate all
difference-in-difference models using an indicator for whether a student has any disability, which
was collected in all years by NYCPS. I find the same patterns, with classifications increasing more
so for more-treated students than their respective counterfactuals (Figure A4).

6.4.4 Addressing Contemporaneous Policy Changes

A potential threat to the validity of my estimates is the introduction of aSPtS, which was a
program that was also implemented in 2012 with the intention of increasing inclusion of SWDs in
the general education classroom, improving the academic achievement of SWDs, and increasing
schools’ capacity to serve SWDs (Stiefel et al., 2021). Generally, this reform did not changewhowas
classified but, instead how students received services. To ensure that the results presented are not
due to aSPtS, I conduct a variety of robustness checks. I first exclude students who ever attended
a District 75 school (those most affected by the inclusion initiative) prior to the ban.21 Estimates
using this restricted sample produce nearly identical estimates as the main results, albeit slightly
attenuated, as expected.22 All estimates are presented in Table A3.

Nonetheless, onemay suggest that the introduction of aSPtS, while only intended to affect those
students already classified, may affect classification behavior. For example, it may be the case that
in special education programs where inclusion becomes more salient that parents and teachers
are more aware of the resources that may be provided to their students. As such, they may be

21This excludes approximately 32,000 observations.
22The one exception is for male students relative to female students—the finding of an increased likelihood of a

low-status classification does not remain robust. However, estimates for stratified-status classifications remain robust,
as well as all estimates for Black students relative to non-Black students and for high-suspension schools relative to
low-suspension schools.
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more likely to advocate for services, resulting in an increase in service provision. Importantly, this
phenomenon would only be a threat to validity if the inclusion initiative affected students in a way
that also co-varied with whether a student attended a high- or low-suspension school. I test this
hypothesis in two ways: first, I estimate whether there were differential decreases in the percent of
SWDs served in self-contained classrooms between more affected and less affected groups (Tables
7); second, I define a newmeasure of "treatment" as being in a school with above-median baseline
shares of SWDs served in self-contained settings (i.e., having high saliency in service provision)
and re-estimate my primary equation using this treatment definition (Figure A6). Reassuringly, I
find that there are no differences in movements out of self-contained settings between above- and
below-median suspension schools or between male and female students.23 Additionally, there is
no differential change in classification behavior for those schools more affected by aSPtS (Figure
A6).24 Taken together, this evidence suggests the previously documented effects on classification
behavior are largely attributable to the suspension ban, not aSPtS.25

6.4.5 Mobility and Attrition Analyses

Lastly, for my estimates to be treated as causal, it must be the case that the suspension ban
did not influence other outcomes that would be correlated with classification rates. For example,
one may be concerned that the result of increased disability classification is not due to the sus-
pension ban, but instead due to differential attrition and mobility among students in above- and
below-median suspension schools. I test the validity of this assumption by conducting balance
tests, using racial composition, FRPL composition, sex composition, and non-structural movers,
as my outcome variables. I provide the relevant estimates for these results in Table A6, which
demonstrate that my primary results are due to the suspension ban, not due to ban-induced sort-
ing across schools nor due to sample attrition. The one exception is a slight increase (0.4pp) in

23The exception is that Black students were more likely to move out of self-contained settings relative to non-Black
students; however, as shown in Table 8, Black students in high-suspension schools were not more likely to move out of
self-contained settings.

24There is evidence of pre-trends in these estimates, so these estimates should not be interpreted as completely causal,
but instead as suggestive evidence that aSPtS had limited influence on classification behavior.

25To further show the lack of correlation between these two policy changes, I also provide a two-way contingency
table that shows the overlap between students in schools with above-median movement out of self-contained settings
and those schools with above-median suspension rates—the percent of students in schools with high levels of exclusion
do not overlap tremendously with schools that have high levels of suspension rates(Table A5, Panel A). Similarly, there
is little difference in baseline suspension rates between schools that have high or low baseline rates of SWDs served in
self-contained settings, that is, minimal co-variance in treatment status (Table A5, Panel B).
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non-structural movers—that is, students who switch/leave a school in a non-graduating grade (8
or 12)—in above-median suspension schools. I re-estimate my primary specification excluding all
non-structural movers and find my results are unchanged (Table A7). Further, I examine patterns
in sample attrition and show that while there is increased attrition in above-median suspension
schools, the characteristics of these attritors are no different than those students who stay and are
no more or less likely to be SWDs (Table A8).

7 Empirical Strategy: Effects of the Ban on Students with Disabilities

Given the documented increase in ban-induced disability classifications, specifically low- and
stratified-status classifications, it is of interest to examine how SWDs may have been differentially
affected by the suspension. It may be the case that the suspension ban reduced the likelihood that
SWDs would be suspended, leading to increased class time and improvements in test scores and
attendance. Conversely, it may be the case that SWDs respond poorly to rapid changes in classroom
norms, rules, and, to an extent, potential increased disruption in the classroom. In this way, the
impact of the ban on SWDs on average is ambiguous.

Further, it is also of interest to determine if ban-induced classifications are functioning more
so as a mechanism of exclusion or as provision of needed services. Indeed, as noted in Kim et al.
(2010), there is a tension between ensuring that special education more broadly is not being used
as a means of exclusion while simultaneously ensuring that under-resourced students receive the
services they need. If these classifications are being used as mechanisms of exclusion, we may
expect that SWDs are negatively impacted by receiving these classifications. However, if these are
students on the margin who simply needed services, we may expect that these students’ outcomes
would improve at best and, at worst, not be impacted.

7.1 Examining Differential Impacts of the Ban for SWDs on Average

To estimate the differential impacts of the ban for SWDs relative to GENs, I modify equation
5.1, estimating a specification of the following form:

Yisgt,j = β + αsg +
2015∑

k ̸=2012

ρk,j [1(t = k)× 1(High Risks)× 1(SWDisgt,j)] +Xisgtϕ+Xstη + ϵisgt
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where Yisgt,j is the outcome of interest (i.e., math and ELA test scores, attendance rates), αsg is
a school-grade fixed effect, High Risks indicates whether a school has an above-median pre-ban
suspension rate26, SWDisgt,j is an indicator for being classified with a disability of type j, where
j = {low, stratified, high}, and ρk,j are the coefficients of interest, which indicate the difference in
outcomes for SWDs relative to GENs in high-suspension schools relative to the difference in out-
comes between those groups in 2012.27 I include student-level controls for race, sex, ELL and FRPL
status, and years in the analytic sample (SWDisgt,j). I also include an interaction term between a
school’s pre-ban proportion of SWDs interacted with a linear time trend (Xst).28,29

The estimates of the parameters ρk,j include effects from multiple potential channels. SWD
outcomes may differ due to the changes in the type of student that is being classified (i.e., ban-
induced classifications) and they may change due to SWDs responding to ban-induced changes in
norms, rules, and classroompractices differently than their GENpeers. As such, ρk,j comprise both
this response to environmental changes as well as the change in classification behavior. Further,
it may be the case that above-median and below-median suspension schools have differences in
their ability to accommodate the influx of students from self-contained classrooms due to aSPtS,
even if that influx was of the same magnitude (see Table 7). To mitigate the direct contaminating
influence of aSPtS on my estimates, I restrict my sample to SWDs who are only ever served in
inclusive settings such that changes in a SWD’s post-2012 outcomes are not attributable to their
personal movement from a self-contained setting to an inclusive setting. This does not, however,
rule out the potential peer effects of increased inclusion, especially if above- and below-median
suspension schools have different capacities to handle otherwise uniform increases in inclusion.30

26Because test scores and attendance rates outcomes apply to different analytic samples (i.e., test scores are only
available for grades 3-8; attendance for grades 6-12), treatment is defined by a school having an above-median pre-ban
suspension rate relative to the estimation sample.

27These estimates can also be thought of as the difference in outcomes for SWDs in high-suspension schools relative
to SWDs in low-suspension schools. As this paper is concerned with the differential effect of the ban, I focus on the
comparison of groups within high-suspension schools.

28In contrast to the models presented in Section 5, I do not control for the pre-ban math and ELA scores given that
these aremy outcomes. As such, my sample is expanded to include those students that may not have pre-ban test scores.
These samples (both test score and attendance rate samples) do not notably differ from each other and are available upon
request.

29I include this control due to potential concerns regarding aSPtS.
30I conduct a robustness check to rule out this hypothesis in Section 8.3.
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7.2 Mechanism: Effects of Ban-Induced Classifications on Student Outcomes

While the model outlined in section 7.1 allows for an understanding of differential changes for
SWDs on average, it does not directly identify the impact of receiving a ban-induced classification.
To identify the impacts of classifications that are plausibly ban-induced, I rely on an individual
fixed effects intent-to-treat estimator as in Schwartz et al. (2021), and also account for the stag-
gered nature of treatment—as suggested by O’Hagan and Stiefel (2024)—using the Callaway and
Sant’Anna (2021) estimator given that not all students are classified with a disability in the same
year. This resolves the negative weighting and "forbidden comparison" (Roth et al., 2023) problem
that is likely present in prior and concurrent estimates of the impacts of disability classification
derived from student fixed effect models (Hwang, 2024; Schwartz et al., 2021).

The Callaway and Sant’Anna (2021) estimator provides a variety of treatment effect aggrega-
tions. I rely on estimates of the group average treatment effect on the treated (GATT), that is,
separate effect estimates for those classified in 2009, 2010, ..., 2015. The GATT for each cohort is
derived by using all valid 2 × 2 comparisons such that treated units are only ever compared to
units that are never treated or not yet treated. For example, the effect of classification in 2012 for
a student classified in 2010 would only be derived from those students who are never classified
or classified in 2013, 2014, or 2015. For consistency, I estimate using never treated units (students
always in general education) as my comparison.31

I estimate each GATT for each classification type (low-, stratified-, and high-status) and com-
pare effects for the 2009, 2010, 2011, 2013, 2014, and 2015 cohorts relative to those classified in the
last year before the ban (2012). Further, I estimate GATTs separately for those students classified
in above- and below-median suspension schools, which allows me to parse out the contamina-
tion from aSPtS, which likely affected the efficacy of classification and, importantly, compare ban-
induced classifications (in above-median suspension schools) to non-ban-induced classifications
(in below-median suspension schools).32 Ultimately, my parameter of interest is the difference in
the effect of classification in a given year relative to the effect of classification in 2012 between stu-
dents classified in an above-median suspension school and students classified in a below-median

31Estimates using not-yet-treated units (students not yet classified for special education) are uninformative due to
power issues—for each cohort, there are minimal comparisons and, by construction, estimates cannot be derived for the
2015 cohort because every student is treated. As such, there would only be two post-period estimates.

32I expand on the assumptions of this strategy in Section 8.3.
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suspension school. For each cohort c−2012
j , classification status j, and classification setting s, where

s = {Above, Below}, I generate:
ϕsc,j = ATT (s, c)j −ATT (s, 2012)j

and my ultimate parameter of interest for each classification cohort is:
ψc,j = ϕabove,c,j − ϕbelow,c,j

which represents a cohort cj ’s difference in the effect of being classified between high- and low-
suspension schools, relative to that difference in 2012 for each classification status j.

8 Results: Effects of the Ban on Students with Disabilities

8.1 Differential Effects of the Suspension Ban on Students with Disabilities

I begin by estimating how certain disability statuses moderate the impact of the suspension
ban on key outcomes. Figure 6 presents the coefficients on the interaction between a year, an indi-
cator for being an above-median suspension school, and being a student with a specific disability
classification. Panels A and B present changes in math and ELA test scores, respectively; Panel C
presents coefficients for attendance rates. Tables 9, 10, and 11 present corresponding coefficients.

Generally, I reproduce results from Craig and Martin (2023), finding that the suspension ban
improved outcomes on average—by 2015, GENs in above-median suspension schools experienced
statistically significant 0.04sd increases in math scores. For SWDs on average, there are statistically
insignificant decreases in test scores; however, for students with low-status disability classifica-
tions, ELA scores decreased by 0.25sd (p < 0.05) by 2015 and math scores decreased by 0.23sd
(p < 0.05) in 2014 relative to their GEN peers.33 For students with stratified and high-status clas-
sifications, there are insignificant differential changes in all outcomes. SWDs, regardless of clas-
sification, did not experience differential changes in attendance rates relative to GENs. Notably, I
do find slight, yet statistically significant, decreases in attendance rates for GENs in above-median
suspension schools—by 2015, attendance rates decreased by 0.57pp (p < 0.01) equivalent to just
over one day in the academic year.34

33Estimates for 2013 and 2015 for math scores are insignificant.
34Because attendance ismeasured by the total number of days that a student attends out of all possible days, thismeans

that a student that was no longer being suspended increases the denominator within the attendance rate calculation.
Thismeans that these drops in attendance could simply bemechanical assuming that a student attends the same number
of days.
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I also provide estimates for differential changes in outcomes for Black SWDs (Figure A7 and
Table A11) and for Male SWDs (Figure A8 and Table A10). Black SWDs did not experience differ-
ential changes in ELA or math scores, but did experience a 0.67pp (p < 0.05) additional reduction
in attendance rates relative to non-Black students, driven by high status classifications. Given that
Black studentsweremore likely to be transferred out of self-contained settings post-2012 (i.e., more
affected by aSPtS), attributing these effects solely to the suspension ban is implausible. That Black
students were disproprotionately removed from self-contained settings may suggest that Black
students were disproportionately served in self-contained settings prior to aSPtS. Male SWDs ex-
perienced statistically significant differential reductions in ELA test scores by 0.08sd (p < 0.001) by
2015, driven by students with stratified status classifications. There was no statistically significant
change inmath test scores. By 2015, male students with stratified-status classifications experienced
a 0.63pp (p < 0.05) reduction in attendance and thosewith high-status classifications reduced their
attendance by 0.79pp (p < 0.05).

8.2 Effects of Ban-Induced Classifications

Figure 7 and Tables 12, 13, and 14 display estimates of the group average treatment effects on
the treated for each cohort, separately for those students classified in an above- or a below-median
suspension school for ELA, math, and attendance outcomes, respectively. As shown in Tables 12
and 13, there is minimal difference in the change in math and ELA scores between students who
are classified in above- or below-median suspension school, regardless of cohort or classification
type. However, there are differences in the effects of classification by classification status. For
students with stratified-status classifications, test scores improve post-classification by 0.069sd or
0.093sd (both p < 0.01) for those in below- and above-median suspension schools, respectively.
Students with high-status classifications also experienced improvements in ELA test scores after
classification. However, for students with low-status classifications, ELA test scores decreased by
0.091sd (p < 0.05) in below-median suspension schools. A similar pattern emerges when looking
at math test scores (Table 13). For students with low-status classifications, test scores tended to
decrease post-classification, whereas for students with stratified status classifications, math test
scores increased. For students with high-status classifications, there was no change in math test
scores post-classification.
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In contrast, attendance rates decreased upon classification, drivenmostly by students receiving
low-status classifications and by students in above-median suspension schools (Table 14). Impor-
tantly, these decreases are a continuation of a downward trend in attendance rates prior to classifi-
cation (Figure A10). As such, these estimates should be interpreted with caution. The differences
in ATTs between above- and below-median suspension schools are statistically significant for all
classification types, with students classified in above-median suspension schools having greater
decreases in attendance rates than those in below-median suspension schools. Students with low-
status classifications experienced decreases in attendance by 6.6pp and 10.0pp (both p < 0.001) in
below- and above-median suspension schools, respectively. Students with stratified status classi-
fications experienced reductions in attendance by 2.5pp in below-median suspension schools and
3.6pp in above-median suspension schools (both p < 0.001). For students with high-status classi-
fications, attendance decreased by 1.7pp (p < 0.001) in above-median suspension schools and did
not change in below-median suspension schools. The differences in estimates between above- and
below-median suspension schools are all statistically significant at at least p < 0.05.

These estimates provide a baseline for changes in outcomes post-classification, on average. To
better define the impact of a ban-induced classification, I compare estimates of the ATT for each co-
hort (GATTs) relative to the effect of classification for those classified in 2012, then compare these
differences to differences between students who are classified in above- and below-median sus-
pension schools. Figure 8 depicts these estimates (i.e., ψc). Generally, there is minimal difference
in the effect sizes between above- and below-median suspension schools relative to 2012; however,
for students with stratified status classifications, the change in the effects of classification on math
scores grew faster for students classified post-ban, relative to the change in effects for those stu-
dents classified in below-median suspension schools. Put simply, this suggests that ban-induced
classifications are generally not functioning significantly differently from non-ban-induced classi-
fications and, if anything, may have provided services to students whowould otherwise have been
suspended as evidenced by slight improvements in the efficacy of stratified-status classifications
in increasing math test scores.
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8.3 Robustness to Identifying Assumptions

To plausibly derive the causal impact of the suspension ban on outcomes for SWDs relative
to GENs, it must be the case that, absent the ban, the difference in outcomes between SWDs and
GENs within above- and below-median suspension schools would have continued in parallel. I
provide evidence that this assumption is plausible given the lack of pre-trends as depicted in Fig-
ure 6. I also show event study figures for the student fixed effects models (Figure A10) which
suggest that there are limited pre-trends for test score results and that the pre-trends that do exist
prior to classification are no different between those students classified in above- or below-median
suspension schools. Further, Figure 8 demonstrates that there are no trends in the difference in
estimates between above- and below-median suspension schools relative to the 2012 classification
cohorts.

8.3.1 Addressing aSPtS and Ruling out Other Mechanisms

In Section 6.4.4, I showed that above- and below-median suspension schools were similarly
impacted by the policy as measured by the change in the proportion of SWDs that were served
in self-contained settings. It is plausible, however, that even if these schools were similarly im-
pacted by the policy, their ability to respond to uniform increases in SWDs in inclusive settings
may vary. Restricting my sample to SWDs only ever served in inclusive settings limits the bias of
aSPtS’ direct effect on students moving out of self-contained settings; however, it does not remove
the potential peer effects of moving a previously self-contained student into an inclusive classroom
when teachers’ ability to handle these peer effects may vary systematically by school treatment sta-
tus (i.e., above-median suspension schools were worse at providing inclusive services relative to
below-median suspension schools). I show that this is likely not the case by estimating the dif-
ference in outcomes for students enrolled in schools more treated by aSPtS and more treated by
the suspension ban.35 These estimates are displayed in Table A12. For ELA scores, I find that my
results remain robust—there is limited to no difference in ELA test score outcomes between those
SWDs in high-suspension schools that have high or low pre-2012 rates of SWD exclusion. I find no

35This is a model that includes an interaction between year (2012 omitted), disability status, an indicator for a school
with above/below-median pre-policy suspension rates, and an indicator for a school with above/below-median pre-
policy proportion of students served in self-contained settings. This model is estimated on students who are GENs
(reference group) or always served in inclusive settings.
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significant difference in math scores or attendance rates for SWDs in any setting.

8.3.2 Composition Changes

Additionally, one may be concerned that the result of GENs’ increasing ELA test scores with
low-status SWDs’ decreasing ELA test scores is a product of selection on the outcome. That is, one
could imagine a world in which post-ban and in high-suspension schools, a teacher happens to
classify students with the lowest test scores as a SWD with a low-status disability. As such, the
result of lower test scores for low-status SWDs and higher test scores for GENs is manufactured
based on selection based on the outcome. To address this concern, I demonstrate that there is
minimal difference between pre-classification test scores for those students classified prior to the
ban and those classified after the ban—any difference is not sufficient to completely account for
the 0.25sd differential reduction in ELA test scores for students with low-status disabilities. If
anything, students classified post-ban have slightly higher math test scores than those classified
pre-ban. Table A13 presents these results.

8.3.3 Controls with Student Fixed Effects

I also examine whether results from student fixed effect models change when including stu-
dents who are classified in a self-contained setting. I expand my estimation sample to include
any SWD (regardless of service setting) and re-estimate the student fixed effect model with the
Callaway and Sant’Anna (2021) estimator and find that my estimates of the difference in GATTs
between above- and below-median suspension schools relative to the 2012 difference do not no-
tably change (see Figure A9). As such, there is minimal difference in the estimates between how
students always classified in inclusive settings fare in above- or below-median suspension schools
relative to those students who may sometimes be in self-contained settings.

9 Limitations

This work is not without limitations. First, I am unable to derive a clean comparison group
such that the estimates presented in this paper may be attenuated. Second, the data that I rely
on does not contain suspension records for each student, but only contains school-level data. Data
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that contain suspension records for each student does not contain reliable information on students’
disability type prior to 2012. This means that I am not able to define a granular level of treatment
as in Craig and Martin (2023), but must rely on a broader treatment level. If anything, however,
this broader definition of treatment likely means that estimates are attenuated—students in high-
suspension schools, but themselves are not at high risk for suspension, are defined as treated but
unlikely to be affected by the ban. I attempt to examine this within school variability in the dosage
of treatment through the triple difference that examines how disability classification rates for Black
students andmale students, i.e., high risk demographic groups, in high-suspension schools change
due to the ban.

Third, while I can address the potential issue of aSPtS increasing classifications, estimating
whether the ban induced students into more restrictive environments (i.e., as a true method of
exclusion) is confounded by the inclusion initiative. This is due to the fact that more restrictive
environments were reduced following 2012. Therefore, any specification that examines the impact
of the ban on inclusion would be misattributed. I use sample restrictions to account for the direct
impact of this policy on SWDs moving out of self-contained settings and conduct heterogeneity
tests to address the potential presence of peer effects of SWD inclusion. While this may be a limi-
tation, it also highlights the importance of caution when constructing research designs in complex
policy environments—a policy that may be seemingly unrelated (i.e., aSPtS) should be explicitly
and carefully considered.

Lastly, estimates regarding the impact of a ban-induced classification are subject to issues of
power, limiting precise estimates. Further, I am, as with any research within the realm of special
education and suspension reform, unable to observe the true underlying behavior or disability
of a students. As such, I provide suggestive evidence throughout Section 8 as to how SWDs on
average and with potentially ban-induced classifications fare in the wake of the suspension ban.
Similarly, defining what constitutes a "ban-induced" classification relies on the assumption that
those classifications that occurred in above-median suspension schools are all, indeed, a result of
the ban. This assumption seems unlikely, but, absent observing the "true," underlying disability, it
is unable to be tested.
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10 Discussion

Understanding how discipline bans function—and their potential pitfalls—is of utmost impor-
tance to ensure that these reforms accomplish their intended purpose of reducing suspension, im-
proving school culture, and, at best, improving the achievement of not only students at high risk
of suspension, but also their peers. Ideally, these policies would indeed be costless, relying only
on a change in policy code to function. However, the results presented in this paper suggest an
unexamined cost of suspension ban: classification of students with more stigmatizing disabilities
and, further, reductions in test scores for students with these disabilities on average. I find that the
New York City suspension ban induced an increase in higher stigma special education classifica-
tions, which was concentrated among male students. Further, the ban also increased gender and
racial disproportionality in classification on average. Insofar as special education services remain
costly (and resources spread thin), a suspension ban that induces increases in classifications acts
as a hidden cost to these policies.

I show that students with low-status classifications experienced on average decreases in math
and ELA test scores, whereas students with stratified and high-status classifications experienced
no differential change relative to their GEN peers. I rule out other mechanisms and policies that
could potentially be driving this result, suggesting that the negative changes in low-status SWDs’
test scores are largely due to a differential response to ban-induced environmental changes. The re-
duction in SWDs’ achievement also represents a hidden cost—SWD test score reductions by 0.25sd
is equivalent to cutting school spending by nearly $6500 per pupil.36.

Simultaneously, I also show that those classifications that are plausibly ban-induced do not
function differently than non-ban-induced classifications, suggesting that suspension may have
prohibited these students from receiving services. Taken together, I provide evidence that is con-
gruent with two seemingly opposing literatures: one that suggests special education functions as
a new form of exclusion (Blanchett, 2006, 2010; Kim et al., 2010) and another that documents bene-
fits of special education (O’Hagan and Stiefel, 2024; Ballis and Heath, 2021b; Schwartz et al., 2021;
Elder et al., 2021). In this paper, I demonstrate that even if special educationmay be used as amech-
anism of exclusion (i.e., ban-induced classifications), these classifications are likely preferable to

36This is calculated using Jackson et al. (2021)’s finding of $1000 cuts in per-pupil spending leading to ∼0.039sd
decrease on average in test scores. As such, a reduction of 0.25sd is equivalent to ( 0.25

0.039
)× $1000.
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the counterfactual world in which a student is instead suspended. Although, classification is likely
not an efficient strategy insofar other methods (e.g., RPs, progressive discipline, etc.) utilize less
resources and benefit students.

I also build upon the literature that suggests that suspension bans, when implemented with
fidelity, improve outcomes on average (Craig and Martin, 2023; Cleveland, 2023; Steinberg and
Lacoe, 2018a; Karger and Komisarow, 2024), but contribute new evidence as to how vulnerable
groups may be negatively impacted. The results as a whole are consistent with prior literature that
documents an association between disability classification and suspension. I provide a causal link
between these two behavioral outcomes, suggesting that the absence of one strategy to address be-
havior (suspension) results in a substitution to another (special education). I also contribute to the
relatively nascent quantitative literature on the effects of special education andprovide the first esti-
mates using an estimator that accounts for the staggered treatment. I show that post-classification,
ELA and math scores tend to increase.

These results are not to say that the suspension ban was ineffective, but instead they point to
where future policy may wish to explicitly consider how students with disabilities may be im-
pacted and prepare to allocate additional resources to special education programming. Future
policy should explicitly consider the potential avenues that disciplinarians may take to address
student behavior when a relied-upon strategy is no longer permitted. New York City’s ban is one
of the few that achieved its intended purpose of reducing suspension rates; however, this came
at the cost of worsened test score outcomes for SWDs with low-status disabilities. Even the most
efficacious reforms still present costly unintended consequences when general equilibrium effects
are not considered—if student behavior does not change drastically, there will still be demand for
suspensions that cannot be met when disciplinarians are not explicitly and immediately trained
in alternative techniques. Ultimately, policy in one arena must consider potential spillover effects
into others if equity goals are to be realized.
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Figure 1: Identifying Variation: Percent Suspended by Treatment Status

Notes. This figure depicts the raw school-level suspension rates for those schools that have above-median suspension
rates and those schools that have below-median suspension rates.
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Figure 2: Event Study Difference-in-Difference Estimates: Above−Below Median Suspension

Notes. Estimates presented correspond to those in Table 3, respectively. Estimates indicate the average change in classi-
fication rates relative to the baseline academic year (2011-12) for all middle and high school students. 95% confidence
intervals are provided. Panel A shows estimates from interrupted time series and Panel B shows estimates from the
event study dosage difference-in-differences model.

40



Figure 3: Treatment by Race and Sex

(a) Black−Non-Black Students

(b) Male−Female Students

Notes. Estimates presented correspond to the trend over time disproportionality estimates in Table 4 Panels A and B,
respectively. Estimates indicate the average change in classification rates relative to the baseline academic year (2011-12)
for all middle and high school students. Panel A compares male students to female students relative to the difference
in 2012 and Panel B compares Black students to non-Black students relative to the difference in 2012. 95% confidence
intervals are provided.
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Figure 7: Group Average Treatment Effects on the Treated
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(a) Low Status (b) Stratified Status (c) High Status
Notes. Estimates reflect the effect of receiving a subjective disability classification in a specific cohort as derived by an
intent-to-treat student fixed effects model using the Callaway and Sant’Anna (2021) estimator. Separate estimates are
provided for those classified in above-median suspension schools and for those classified in below-median suspension
schools. The comparison group in all estimates are students who never receive a disability classification. All samples
are restricted to SWDs that are only ever served in inclusive settings. The vertical dashed line indicates the year of the
policy change (2012). 95% confidence intervals are displayed.
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Figure 8: Difference inGroupAverage Treatment Effects on the Treated betweenAbove- andBelow-
Median Suspension Schools Relative to 2012

(a) Low Status
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(b) Stratified Status (c) High Status

Notes. Estimates reflect the difference in the effect of receiving a subjective disability classification in a specific cohort as
derived by an intent-to-treat student fixed effects model using the Callaway and Sant’Anna (2021) estimator relative to
the effect size for those students classified in 2012. The comparison group in all estimates are students who never receive
a disability classification. All samples are restricted to SWDs that are only ever served in inclusive settings. All models
include controls for whether a student was held back and for a student’s grade. The vertical dashed line indicates the
year of the policy change (2012). 95% confidence intervals are displayed.
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Table 1: Descriptive Statistics

Below Above Total
% of school SWD in pre-ban period 9.128 13.183 11.031

(5.722) (5.743) (6.079)
% of school suspended in pre-ban period 3.913 10.731 7.112

(2.674) (4.908) (5.165)
Average standardized math score 0.251 -0.238 0.021

(0.949) (0.842) (0.933)
Average standardized reading score 0.180 -0.236 -0.015

(0.977) (0.851) (0.944)
Years present 6.018 6.015 6.017

(1.317) (1.401) (1.357)
FRPL Eligible (proportion) 0.585 0.670 0.625
English Language Learner (proportion) 0.073 0.100 0.086
Female (proportion) 0.503 0.484 0.494
Race (proportion)
Black 0.234 0.377 0.301
Hispanic 0.362 0.443 0.400
White 0.182 0.079 0.134
Asian 0.217 0.097 0.161
Other 0.005 0.004 0.005

Grade
6th grade 0.097 0.115 0.106
7th grade 0.123 0.150 0.136
8th grade 0.142 0.175 0.157
9th grade 0.205 0.201 0.203
10th grade 0.187 0.163 0.176
11th grade 0.133 0.107 0.121
12th grade 0.112 0.089 0.101

Disability Status (proportion)
High-status classification 0.035 0.047 0.041
Stratified-status classification 0.082 0.115 0.098
Low-status classification 0.009 0.016 0.012
Hard classification 0.003 0.004 0.003

Observations 1,374,727 1,214,143 2,588,870
Schools 312 410 722
Note. Means and standard deviations (in parentheses) are displayed for continuous variables.
Only means are displayed for binary variables. "Below" includes students in schools that had a
below-median (6%) suspension rate in the year prior to the ban (2011-12). Unless otherwise in-
dicated, values represent the means and standard deviations across the whole timeframe (2007-
08 through 2014-15) for the complete sample, including District 75 schools.
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Table 2: Trends in Classification Across Time

Low-Status Stratified Status High-Status

2012 Baseline Proportion 0.012 0.094 0.041

2008 0.001∗ 0.015∗∗∗ -0.001
(0.001) (0.002) (0.001)

2009 0.001∗∗∗ 0.011∗∗∗ -0.001
(0.000) (0.001) (0.001)

2010 0.002∗∗∗ 0.010∗∗∗ 0.001
(0.000) (0.001) (0.001)

2011 0.000 0.002∗∗ -0.000
(0.000) (0.001) (0.000)

2013 0.001∗∗∗ 0.009∗∗∗ 0.007∗∗∗
(0.000) (0.001) (0.001)

2014 0.003∗∗∗ 0.016∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.004∗∗∗ 0.018∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

Observations 2,588,870 2,588,870 2,588,870
Clusters 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are
clustered at the school-grade level. Allmodels use school-by-grade fixed effects and control
for student gender, race, ELL status, FRPL eligibility, years present inNYCPS,meanpre-ban
ELA andmath test scores, and a school’s average pre-ban SWD classification rate interacted
with a linear time trend.
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Table 3: Difference-in-Difference Estimates: Above − Below Median Sus-
pension

Low-Status Stratified Status High-Status

2012 Baseline Difference 0.007 0.031 0.012

2013 0.001∗∗ 0.008∗∗∗ 0.007∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.013∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.002∗∗∗ 0.016∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

Above Median ×2013 0.001∗ 0.003∗ 0.001
(0.001) (0.002) (0.001)

Above Median ×2014 0.004∗∗∗ 0.007∗∗∗ -0.000
(0.001) (0.002) (0.001)

Above Median ×2015 0.005∗∗∗ 0.007∗∗ -0.000
(0.001) (0.002) (0.001)

Observations 2,588,870 2,588,870 2,588,870
Clusters 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are
clustered at the school-grade level. All models use school-by-grade fixed effects. All mod-
els control for student gender, race, ELL status, FRPL eligibility, years present in NYCPS,
mean pre-ban ELA andmath test scores, and a school’s average pre-ban SWDclassification
rate interacted with a linear time trend. Above-median indicates that a school’s suspen-
sion rate in the 2011-12 AY was greater than the district median of 6%.
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Table 4: Heterogeneity by Race and Sex

Low-Status Stratified Status High-Status

Panel A. Black-Non-Black
2012 Baseline Difference 0.011 0.023 -0.003

2013 0.001∗ 0.008∗∗∗ 0.007∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.013∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.001∗∗∗ 0.015∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

Black ×2013 0.001∗ 0.003∗ 0.000
(0.001) (0.002) (0.001)

Black ×2014 0.004∗∗∗ 0.006∗∗∗ -0.001
(0.001) (0.002) (0.001)

Black ×2015 0.005∗∗∗ 0.007∗∗∗ -0.001
(0.001) (0.002) (0.001)

Panel B. Male-Female
2012 Baseline Difference 0.012 0.036 0.032

2013 0.000 0.007∗∗∗ 0.005∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.011∗∗∗ 0.006∗∗∗
(0.000) (0.001) (0.001)

2015 0.002∗∗∗ 0.013∗∗∗ 0.009∗∗∗
(0.000) (0.001) (0.001)

Male ×2013 0.001∗ 0.003∗∗ 0.003∗∗∗
(0.000) (0.001) (0.001)

Male ×2014 0.002∗∗ 0.007∗∗∗ 0.002
(0.001) (0.001) (0.001)

Male ×2015 0.001∗ 0.008∗∗∗ 0.001
(0.001) (0.002) (0.001)

Observations 2,588,870 2,588,870 2,588,870
Clusters 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. All models use school-by-grade fixed effects. All models control for
student gender, race, ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA
and math test scores, a school’s average pre-ban suspension rate interacted with a linear time
trend (except above/below), and a school’s average pre-ban SWD classification rate interacted
with a linear time trend.
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Table 5: Triple Difference Estimates: Male Students or Black Students in AboveMedian Suspension
Schools

Low Status Stratified Status High Status

Panel A. Black-Non-Black

2013 × Above Median × Black 0.000 0.001 -0.003
(0.001) (0.003) (0.002)

2014 × Above Median × Black -0.000 0.000 -0.004
(0.002) (0.003) (0.002)

2015 × Above Median × Black -0.000 0.000 -0.008∗∗
(0.002) (0.004) (0.003)

Panel B. Male-Female

2013 × Above Median ×Male 0.001 0.002 0.001
(0.001) (0.003) (0.002)

2014 × Above Median ×Male 0.002 0.004 -0.001
(0.001) (0.003) (0.002)

2015 × Above Median ×Male 0.004∗∗ 0.007 0.000
(0.001) (0.003) (0.002)

Observations 2,588,870 2,588,870 2,588,870
Clusters 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at
the school-grade level. All models use school-by-grade fixed effects and control for student gender,
race, ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA and math test scores,
and a school’s pre-ban SWD classification rate interacted with a linear time trend. Above-median
indicates that a school’s suspension rate in the 2011-12 AY was greater than the district median of
6%. Estimates reflect the coefficient on an interaction between a year indicator, an indicator for at-
tending an above-median suspension school, and an indicator for beingMale (Black). All estimates
are relative to 2012.
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Table 6: Falsification Test: Impacts of the Ban on Hard Classifications

Trends across Time Above-Below Black-Non-Black Male-Female
2013 0.000 0.000 0.000 0.000

(0.000) (0.000) (0.000) (0.000)
2014 0.000 0.000 0.000 0.000

(0.000) (0.000) (0.000) (0.000)
2015 0.000 0.000 0.000 -0.000

(0.000) (0.000) (0.000) (0.000)
Group × 2013 0.000 0.000 0.000

(0.000) (0.000) (0.000)
Group × 2014 0.000 0.000 0.000

(0.000) (0.000) (0.000)
Group × 2015 -0.000 0.000 0.000

(0.000) (0.000) (0.000)
Observations 2,588,870 2,588,870 2,588,870 2,588,870
Clusters 2,899 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at the school-grade level.
All models use school-by-grade fixed effects and control for student gender, race, ELL status, FRPL eligibility, years
present in NYCPS, mean pre-ban ELA and math test scores, a school’s pre-ban suspension rate interacted with a linear
time trend (except above/below), and a school’s pre-ban SWD classification rate interacted with a linear time trend.
Above-median indicates that a school’s suspension rate in the 2011-12 AY was greater than the district median of 6%.
All estimates are relative to 2012. Hard classifications include deaf-blindness, hearing impairment, visual impairment,
orthopedic impairment, traumatic brain injury.
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Table 7: Changes in SWDs Served in Self-Contained Settings

Above/Below Male/Female Black/Non-Black
2013 -0.066∗∗∗ -0.060∗∗∗ -0.061∗∗∗

(0.006) (0.005) (0.005)
2014 -0.061∗∗∗ -0.059∗∗∗ -0.055∗∗∗

(0.007) (0.006) (0.005)
2015 -0.065∗∗∗ -0.065∗∗∗ -0.060∗∗∗

(0.008) (0.007) (0.007)
Group × 2013 0.004 -0.008 -0.012∗

(0.008) (0.005) (0.005)
Group × 2014 0.008 -0.002 -0.016∗∗

(0.008) (0.005) (0.006)
Group × 2015 0.006 -0.003 -0.023∗∗∗

(0.008) (0.005) (0.006)
Observations 521,697 521,697 521,697
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and
are clustered at the school-grade level. All models use school-by-grade fixed effects.
The sample is restricted to any student with a disability, with the outcome variable
being an indicator for receiving services in a self-contained setting. Above-median
indicates that a school’s suspension rate in the 2011-12 AY was greater than the dis-
trict median of 6%. All estimates are relative to 2012.
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Table 8: Changes in SWDs Served in Self-Contained Settings: Triple Difference

Male/Female Black/Non-Black
2013 -0.064∗∗∗ -0.061∗∗∗

(0.007) (0.006)
2014 -0.064∗∗∗ -0.055∗∗∗

(0.008) (0.007)
2015 -0.064∗∗∗ -0.059∗∗∗

(0.009) (0.008)
Demographic × 2013 -0.002 -0.018∗

(0.007) (0.008)
Demographic × 2014 0.004 -0.024∗∗

(0.007) (0.009)
Demographic × 2015 -0.002 -0.023∗

(0.007) (0.009)
Above × Demographic × 2013 -0.011 0.009

(0.009) (0.011)
Above × Demographic × 2014 -0.010 0.012

(0.009) (0.011)
Above × Demographic × 2015 -0.002 -0.000

(0.010) (0.012)
Observations 521,697 521,697
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and
are clustered at the school-grade level. All models use school-by-grade fixed effects.
The sample is restricted to any student with a disability, with the outcome variable
being an indicator for receiving services in a self-contained setting. Above-median
indicates that a school’s suspension rate in the 2011-12 AY was greater than the dis-
trict median of 6%. All estimates are relative to 2012.
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Table 9: Differential Effects of the Suspension Ban on SWDs: Math Scores

Any Low Stratified High
2013 0.011 0.010 0.011 0.009

(0.009) (0.009) (0.009) (0.009)

2014 0.036∗ 0.036∗ 0.036∗ 0.034∗
(0.015) (0.015) (0.015) (0.015)

2015 0.053∗ 0.047∗ 0.048∗ 0.045∗
(0.021) (0.022) (0.021) (0.021)

Above × 2013 -0.001 -0.001 -0.001 -0.001
(0.013) (0.013) (0.013) (0.013)

Above × 2014 0.010 0.009 0.009 0.009
(0.018) (0.018) (0.018) (0.018)

Above × 2015 0.038∗ 0.036∗ 0.037∗ 0.036∗
(0.018) (0.018) (0.018) (0.018)

Disability × Above × 2013 -0.015 -0.120 0.002 -0.030
(0.020) (0.106) (0.025) (0.031)

Disability × Above × 2014 -0.034 -0.233∗ -0.021 -0.026
(0.023) (0.105) (0.027) (0.032)

Disability × Above × 2015 -0.026 -0.170 -0.016 -0.022
(0.022) (0.106) (0.027) (0.031)

Observations 1,227,979 1,100,023 1,178,496 1,142,038
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. Estimates reflect the coefficients on an interaction between a year
indicator, a classification indicator, and an indicator for being an above-median suspension
school relative to 2012. All models use school-by-grade fixed effects and control for student
gender, race, ELL status, FRPL eligibility, and years present in NYCPS. Math scores are stan-
dardized to a mean of 0 and standard deviation of 1. All samples are restricted to SWDs that
are only ever served in inclusive settings and to students with available test scores (grades
6-8). students who are not classified with any disability are the reference group.
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Table 10: Differential Effects of the Suspension Ban on SWDs: ELA Scores

Any Low Stratified High
2013 0.010 0.008 0.010 0.008

(0.007) (0.007) (0.007) (0.007)

2014 0.016 0.012 0.014 0.011
(0.010) (0.010) (0.010) (0.010)

2015 0.010 0.000 0.005 -0.000
(0.014) (0.014) (0.014) (0.014)

Above × 2013 -0.022∗ -0.022∗ -0.022∗ -0.022∗
(0.010) (0.010) (0.010) (0.010)

Above × 2014 -0.010 -0.010 -0.010 -0.010
(0.012) (0.012) (0.012) (0.012)

Above × 2015 0.002 0.002 0.002 0.001
(0.013) (0.013) (0.013) (0.013)

Disability × Above × 2013 -0.007 -0.187 0.016 -0.022
(0.019) (0.099) (0.022) (0.029)

Disability × Above × 2014 -0.016 -0.256∗ -0.001 -0.005
(0.019) (0.099) (0.022) (0.029)

Disability × Above × 2015 -0.018 -0.252∗ -0.004 -0.029
(0.020) (0.107) (0.025) (0.028)

Observations 1,222,612 1,094,118 1,172,845 1,136,349
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. Estimates reflect the coefficients on an interaction between a year
indicator, a classification indicator, and an indicator for being an above-median suspension
school relative to 2012. All models use school-by-grade fixed effects and control for student
gender, race, ELL status, FRPL eligibility, and years present in NYCPS. ELA scores are stan-
dardized to a mean of 0 and standard deviation of 1. All samples are restricted to SWDs that
are only ever served in inclusive settings and to students with available test scores (grades
6-8). students who are not classified with any disability are the reference group.
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Table 11: Differential Effects of the Suspension Ban on SWDs: Attendance

Any Low Stratified High
2013 0.202∗ 0.209∗ 0.201∗ 0.202∗

(0.090) (0.090) (0.090) (0.089)

2014 0.248∗ 0.265∗ 0.249∗ 0.259∗
(0.125) (0.125) (0.125) (0.125)

2015 1.094∗∗∗ 1.134∗∗∗ 1.097∗∗∗ 1.122∗∗∗
(0.149) (0.150) (0.149) (0.149)

Above × 2013 -0.327∗ -0.324∗ -0.328∗ -0.322∗
(0.131) (0.130) (0.131) (0.130)

Above × 2014 -0.747∗∗∗ -0.727∗∗∗ -0.740∗∗∗ -0.721∗∗∗
(0.172) (0.171) (0.171) (0.170)

Above × 2015 -0.570∗∗ -0.529∗∗ -0.551∗∗ -0.524∗∗
(0.182) (0.182) (0.182) (0.181)

Disability × Above × 2013 -0.009 -0.586 0.130 -0.113
(0.237) (1.667) (0.297) (0.314)

Disability × Above × 2014 -0.318 -0.384 -0.354 -0.084
(0.268) (1.802) (0.340) (0.349)

Disability × Above × 2015 -0.082 2.249 -0.239 -0.248
(0.280) (1.871) (0.362) (0.372)

Observations 3,415,156 3,128,624 3,320,625 3,201,673
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. Estimates reflect the coefficients on an interaction between a year
indicator, a classification indicator, and an indicator for being an above-median suspension
school relative to 2012. All models use school-by-grade fixed effects and control for student
gender, race, ELL status, FRPL eligibility, and years present in NYCPS. Attendance rates are
the percent of days attended out of allowable/possible days and are available for all students.
All samples are restricted to SWDs that are only ever served in inclusive settings. students
who are not classified with any disability are the reference group.
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A Appendix

Figure A1: Alternative Definitions of Treatment

(a) Continuous Definition of Treatment

(b) 2nd Tercile Compared to 1st Tercile (c) 3rd Tercile Compared to 1st Tercile

Notes. Panel A compares differences in classification between the 2nd and 1st tercile of suspension rates relative to the
2012 difference; Panel B compares differences in classification between the 3rd and 1st tercile of suspension rates relative
to the 2012 difference. Estimates in Panel C indicate the change in disability classification relative to 2012 for a 1 standard
deviation increase in a school’s 2012 suspension rate. Panels A and B use a school’s tercile of 2011/12 suspension rates as
the definition of treatment. All models use school-by-grade and year fixed effects and control for student gender, race,
ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA and math test scores, and a school’s pre-ban
SWD classification rate interacted with a linear time trend. 95% confidence intervals are displayed.
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Figure A2: Heterogeneity by Race: Black−White/Asian

Notes. Estimates indicate the average change in classification rates for Black students relative to non-Black students
relative to the difference in 2012. All models use school-by-grade and year fixed effects and control for student gender,
race, ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA and math test scores, and a school’s pre-
ban SWD classification rate interacted with a linear time trend. 95% confidence intervals are provided.
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Figure A4: Non-Imputed SWD Indicator for Any Classification

Notes. Estimates indicate the change in disability classification relative to 2012 for each treatment definition. All models
use school-by-grade and year fixed effects and control for student gender, race, ELL status, FRPL eligibility, years present
in NYCPS, mean pre-ban ELA and math test scores, a school’s pre-ban suspension rate (except Above-Below Median)
interacted with a linear time trend, and a school’s pre-ban SWD classification rate interacted with a linear time trend.
95% confidence intervals are displayed.
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Figure A5: Estimates by Individual Disability Classification

(a) Above−Below: High Status (b) Above−Below: Low Status

(c) Black−Non-Black: High Status (d) Black−Non-Black: Low Status

(e) Male−Female: High Status (f) Male−Female: Low Status

Notes. Estimates indicate the change over time relative to 2012 for trends over time, differences between Black and Non-
Black students, and differences between male and female students for each individual classification type within low-
and high-status groups. 95% confidence intervals are presented. All models use school-by-grade and year fixed effects
and control for student gender, race, ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA and math
test scores, and a school’s pre-ban SWD classification rate interacted with a linear time trend. Models estimating male-
female or Black-Non-Black differences also control for a school’s pre-ban suspension rate interacted with a linear time
trend.
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Figure A6: Differential Effects of aSPtS on Classification Behavior

Notes. Estimates reflect the coefficients on interactions between year indicators and an indicator for being in a schoolwith
above-median rates of SWDs served in self-contained settings relative to 2012. 95% confidence intervals are displayed.
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Figure A9: Difference in Group Average Treatment Effects on the Treated between Above- and
Below-Median Suspension Schools Relative to 2012: All Students

(a) Low Status

M
at
h

EL
A

At
ten

da
nc

e

(b) Stratified Status (c) High Status

Notes. Estimates reflect the difference in the effect of receiving a subjective disability classification in a specific cohort
as derived by an intent-to-treat student fixed effects model using the Callaway and Sant’Anna (2021) estimator relative
to the effect size for those students classified in 2012. The comparison group in all estimates are students who never
receive a disability classification. All models include controls for whether a student was held back and for a student’s
grade. The vertical dashed line indicates the year of the policy change (2012). 95% confidence intervals are displayed.
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Figure A10: Event Study Estimates: Student Fixed Effect Models

M
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(a) Low Status (b) Stratified Status (c) High Status
Notes. Estimates reflect event study estimates of classification across all cohorts as derived by an intent-to-treat student
fixed effects model using the Callaway and Sant’Anna (2021) estimator. Separate estimates are provided for those classi-
fied in above-median suspension schools and for those classified in below-median suspension schools. The comparison
group in all estimates are students who never receive a disability classification. All samples are restricted to SWDs that
are only ever served in inclusive settings. The vertical dashed line indicates the time at which a student is classified.
95% confidence intervals are displayed.
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TableA1: 2012 BaselineRates andDifferences inClassificationRates

Percent Classified in 2012 Ratio Difference
Below Above

High Status 3.57 4.73 1.33 1.17
Stratified Status 7.75 10.87 1.40 3.12
Low Status 0.76 1.43 1.89 0.68
Hard 0.28 0.32 1.15 0.04

Non-Black Black
High Status 4.22 3.89 0.92 -0.32
Stratified Status 8.53 10.87 1.27 2.33
Low Status 0.75 1.85 2.46 1.10
Hard 0.31 0.28 0.92 -0.02

Female Male
High Status 2.50 5.70 2.28 3.20
Stratified Status 7.38 11.02 1.49 3.64
Low Status 0.49 1.65 3.37 1.16
Hard 0.26 0.34 1.35 0.09
Notes. Estimates indicate the percent of students within each group that are clas-
sified with a specific disability. Ratio represents above/below; male/female; or
Black/non-Black.
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Table A3: Excluding Students Ever in District 75 Schools: Trends across Time and Difference-in-
Difference Estimates

Low-Status Stratified Status High-Status

Panel A. Trends across Time
2013 0.001∗∗∗ 0.009∗∗∗ 0.007∗∗∗

(0.000) (0.001) (0.001)
2014 0.002∗∗∗ 0.016∗∗∗ 0.007∗∗∗

(0.000) (0.001) (0.001)
2015 0.002∗∗∗ 0.018∗∗∗ 0.010∗∗∗

(0.000) (0.001) (0.001)
Panel B. Above-Below Median Suspension

2013 0.001∗ 0.008∗∗∗ 0.006∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.013∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.002∗∗∗ 0.016∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

Above Median ×2013 0.001 0.003∗ 0.002
(0.000) (0.002) (0.001)

Above Median ×2014 0.002∗∗∗ 0.007∗∗∗ -0.000
(0.001) (0.002) (0.001)

Above Median ×2015 0.003∗∗∗ 0.007∗∗∗ 0.000
(0.001) (0.002) (0.001)

Panel C. Black-Non-Black

2013 0.000 0.007∗∗∗ 0.007∗∗∗
(0.000) (0.001) (0.001)

2014 0.001∗∗∗ 0.013∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.001∗∗ 0.015∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

Black ×2013 0.001 0.004∗ -0.000
(0.001) (0.002) (0.001)

Black ×2014 0.003∗∗∗ 0.006∗∗∗ -0.001
(0.001) (0.002) (0.001)

Black ×2015 0.003∗∗∗ 0.008∗∗∗ -0.001
(0.001) (0.002) (0.001)

Panel D. Male-Female

2013 0.000 0.007∗∗∗ 0.005∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.011∗∗∗ 0.006∗∗∗
(0.000) (0.001) (0.001)

2015 0.002∗∗∗ 0.012∗∗∗ 0.009∗∗∗
(0.000) (0.001) (0.001)

Male ×2013 0.000 0.004∗∗ 0.003∗∗∗
(0.000) (0.001) (0.001)

Male ×2014 0.000 0.008∗∗∗ 0.002∗
(0.001) (0.001) (0.001)

Male ×2015 -0.000 0.008∗∗∗ 0.001
(0.001) (0.002) (0.001)

Observations 2,556,971 2,556,971 2,556,971
Clusters 2,899 2,899 2,899
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at the school-grade level.
All models use school-by-grade fixed effects. All models control for student gender, race, ELL status, FRPL eligibility,
years present in NYCPS, mean pre-ban ELA and math test scores, a school’s average pre-ban suspension rate interacted
with a linear time trend (except above/below), and a school’s average pre-ban SWD classification rate interacted with a
linear time trend. Above/below controls for all but the average pre-ban suspension rate interacted with the time trend.
Above-median indicates that a school’s suspension rate in the 2011-12 AY was greater than the district median of 6%.
All models exclude students who were ever enrolled in a District 75 school.
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Table A4: Triple Difference Estimates: Black-White/Asian in Above Median Suspension Schools

Low Status Stratified Status High Status

2013 × Above Median × Black 0.001 0.001 -0.002
(0.001) (0.004) (0.002)

2014 × Above Median × Black 0.001 0.002 -0.004
(0.002) (0.004) (0.003)

2015 × Above Median × Black 0.002 0.007 -0.008∗∗
(0.002) (0.005) (0.003)

Observations 1,542,126 1,542,126 1,542,126
Clusters 2,856 2,856 2,856
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at
the school-grade level. All models use school-by-grade fixed effects and control for student gender,
race, ELL status, FRPL eligibility, years present in NYCPS, mean pre-ban ELA and math test scores,
and a school’s pre-ban SWD classification rate interacted with a linear time trend. Above-median
indicates that a school’s suspension rate in the 2011-12 AY was greater than the district median of
6%. School by grade and year fixed effects are included in all models.

74



Table A5: Overlap between Schools with Above- and Below-Median Suspension Rates and SWDs
in Self-Contained Settings

Panel A. Percent of Sample in Each Category

Self-Contained
Below-Median Above-Median

Suspension
Below-Median 30.14 22.90
Above-Median 20.78 26.18

Panel B. Baseline Suspension Rates for Each Category

Self-Contained
Suspension
Below-Median 3.08 3.61
Above-Median 13.10 12.16
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Table A6: Changes in Characteristics Over Time between Above and Below-Median Suspension
Schools

Female FRPL ELL Black Non-Structural Movers
2013 -0.004∗ -0.057∗∗∗ -0.000 -0.004∗∗ -0.001

(0.002) (0.006) (0.001) (0.001) (0.001)
2014 -0.007∗∗∗ -0.053∗∗∗ -0.002 -0.007∗∗∗ 0.003∗∗

(0.002) (0.006) (0.001) (0.002) (0.001)
2015 -0.009∗∗∗ -0.049∗∗∗ -0.006∗∗∗ -0.010∗∗∗ 0.000

(0.002) (0.007) (0.001) (0.002) (0.001)
2013 × Above 0.001 -0.006 0.000 0.001 -0.001

(0.003) (0.009) (0.002) (0.002) (0.001)
2014 × Above -0.003 -0.004 0.000 -0.000 0.002

(0.003) (0.008) (0.002) (0.003) (0.001)
2015 × Above -0.007∗ -0.009 0.002 -0.002 0.004∗

(0.003) (0.009) (0.002) (0.003) (0.002)
Observations 2,588,870 2,588,870 2,588,870 2,588,870 2,588,870
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at the school-
grade level. No models include controls. Above-median indicates that a school’s suspension rate in the 2011-
12 AY was greater than the district median of 6%. School by grade fixed effects are included in all models.
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Table A7: Effects of the Suspension Ban on Disability Classification: Excluding Non-Structural
Movers

Low-Status Stratified Status High-Status

2013 0.001∗ 0.007∗∗∗ 0.006∗∗∗
(0.000) (0.001) (0.001)

2014 0.002∗∗∗ 0.013∗∗∗ 0.008∗∗∗
(0.000) (0.001) (0.001)

2015 0.002∗∗∗ 0.015∗∗∗ 0.010∗∗∗
(0.000) (0.001) (0.001)

2013 × Above 0.001∗ 0.003∗ 0.001
(0.001) (0.002) (0.001)

2014 × Above 0.003∗∗∗ 0.007∗∗∗ -0.001
(0.001) (0.002) (0.001)

2015 × Above 0.005∗∗∗ 0.007∗∗ -0.000
(0.001) (0.002) (0.001)

Observations 2,508,626 2,508,626 2,508,626
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001)
and are clustered at the school-grade level. All models use school-by-grade
fixed effects and control for student gender, race, ELL status, FRPL eligibility,
years present inNYCPS,mean pre-ban ELA andmath test scores, and a school’s
pre-ban SWD classification rate interacted with a linear time trend. Above-
median indicates that a school’s suspension rate in the 2011-12 AY was greater
than the district median of 6%. All models exclude students who made a non-
structural move (i.e., did not switch schools due tomoving frommiddle to high
school, that is, from grades 8 to 9).
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Table A9: Correlation Coefficients between Measures of Pre-Policy Test Scores

Mean Math Last Available Math Mean Reading
Last Available Math 0.94
Mean Reading 0.74 0.68
Last Available Reading 0.71 0.66 0.94
Notes. Estimates reflect the correlation coefficients between the primary test scoremeasures, which
are the mean of all available pre-policy middle school test scores, and a student’s last available test
score prior to the policy change.
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Table A10: Changes in Outcomes for SWDs: Male Students Relative to Female Students

Any Low Stratified High
Panel A. Math
Disability ×Male × 2013 0.008 -0.117 -0.018 0.041

(0.018) (0.137) (0.021) (0.029)

Disability ×Male × 2014 -0.003 -0.027 0.004 -0.030
(0.017) (0.131) (0.022) (0.028)

Disability ×Male × 2015 -0.021 -0.113 -0.025 -0.009
(0.017) (0.130) (0.022) (0.029)

Observations 1,235,536 1,106,716 1,185,703 1,149,029
Panel B. ELA
Disability ×Male × 2013 -0.023 -0.010 -0.043∗ -0.018

(0.016) (0.118) (0.020) (0.030)

Disability ×Male × 2014 -0.050∗∗ -0.028 -0.051∗ -0.070∗
(0.016) (0.111) (0.020) (0.029)

Disability ×Male × 2015 -0.078∗∗∗ -0.050 -0.095∗∗∗ -0.052
(0.016) (0.121) (0.020) (0.028)

Observations 1,230,062 1,100,705 1,179,946 1,143,233
Panel C. Attendance Rates
Disability ×Male × 2013 -0.117 -1.950 -0.229 -0.448

(0.208) (1.948) (0.261) (0.330)

Disability ×Male × 2014 -0.241 -1.849 -0.280 -0.590
(0.237) (2.132) (0.290) (0.380)

Disability ×Male × 2015 -0.439 -1.980 -0.631∗ -0.794∗
(0.241) (2.151) (0.296) (0.378)

Observations 3,415,156 3,128,624 3,320,625 3,201,673
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. Estimates reflect the correlation coefficients between the primary
test score measures, which are the mean of all available pre-policy middle school test scores,
and a student’s last available test score prior to the policy change.
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Table A11: Changes in Outcomes for SWDs: Black Students Relative to Non-Black Students

Any Low Stratified High
Panel A. Math
Disability × Black × 2013 0.011 -0.134 0.052∗ -0.039

(0.020) (0.110) (0.024) (0.034)

Disability × Black × 2014 0.020 -0.023 0.039 0.004
(0.021) (0.107) (0.025) (0.035)

Disability × Black × 2015 -0.012 -0.028 0.015 -0.042
(0.022) (0.114) (0.027) (0.033)

Observations 1,235,536 1,106,716 1,185,703 1,149,029
Panel B. ELA
Disability × Black × 2013 0.011 0.046 0.022 -0.001

(0.018) (0.101) (0.023) (0.031)

Disability × Black × 2014 0.020 -0.059 0.025 0.049
(0.018) (0.099) (0.023) (0.032)

Disability × Black × 2015 0.033 0.027 0.041 0.045
(0.019) (0.106) (0.024) (0.031)

Observations 1,230,062 1,100,705 1,179,946 1,143,233
Panel C. Attendance Rates
Disability × Black × 2013 -0.171 2.310 -0.296 -0.078

(0.244) (1.623) (0.306) (0.366)

Disability × Black × 2014 -0.485 2.192 -0.542 0.130
(0.261) (1.891) (0.321) (0.382)

Disability × Black × 2015 -0.667∗ 1.662 -0.510 -0.785
(0.284) (1.812) (0.353) (0.420)

Observations 3,415,156 3,128,624 3,320,625 3,201,673
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered
at the school-grade level. Estimates reflect the correlation coefficients between the primary
test score measures, which are the mean of all available pre-policy middle school test scores,
and a student’s last available test score prior to the policy change.
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Table A12: Differential Effects by School Suspension Rate and SWDs in Self-Contained Set-
tings

Any Low Stratified High
Panel A. Math Scores
Dis. × Suspension × Self-Contained × 2013 0.000 -0.013 0.028 -0.033

(0.041) (0.213) (0.049) (0.064)

Dis. × Suspension × Self-Contained × 2014 -0.041 -0.244 -0.012 -0.045
(0.046) (0.207) (0.054) (0.065)

Dis. × Suspension × Self-Contained × 2015 -0.010 -0.121 0.050 -0.006
(0.044) (0.210) (0.055) (0.063)

Observations 1,226,528 1,098,573 1,177,045 1,140,588
Panel B. ELA Scores
Dis. × Suspension × Self-Contained × 2013 0.033 0.102 0.039 0.015

(0.037) (0.197) (0.044) (0.060)

Dis. × Suspension × Self-Contained × 2014 0.042 0.032 0.053 -0.006
(0.038) (0.198) (0.043) (0.060)

Dis. × Suspension × Self-Contained × 2015 0.051 0.033 0.068 0.020
(0.040) (0.213) (0.050) (0.058)

Observations 1,222,177 1,093,683 1,172,410 1,135,914
Panel C. Attendance Rates
Dis. × Suspension × Self-Contained × 2013 -0.529 -0.477 -0.003 -0.922

(0.479) (3.307) (0.603) (0.639)

Dis. × Suspension × Self-Contained × 2013 -0.529 -0.273 -0.208 -1.069
(0.479) (3.333) (0.598) (0.641)

Dis. × Suspension × Self-Contained × 2014 0.483 -2.534 1.128 -0.618
(0.535) (3.673) (0.676) (0.707)

Dis. × Suspension × Self-Contained × 2015 0.228 3.736 0.497 -1.148
(0.572) (3.835) (0.738) (0.755)

Observations 3,388,033 3,101,551 3,293,522 3,174,594
Notes. Standard errors in parentheses (∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001) and are clustered at the school-grade
level. "Suspension" is an indicator for being in a school with a pre-ban above-median suspension rate; "Dis." is
an indicator for either any, low, stratified, or high-status disability and equal to 0 if a student has no disability;
"Self-Contained" is an indicator for being in a school with pre-ban above-median rate of students served in self-
contained settings in 2012.
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Table A13: Difference between Pre-Classification Stan-
dardized Test Scores for Students Classifiedwith a Low-
Status Disability Pre- and Post-Ban

Pre-Ban Post-Ban Difference

ELA

Below-Median -0.923 -0.899 -0.024
Above-Median -0.981 -1.094 0.113***

Math

Below-Median -1.087 -0.910 -0.177***
Above-Median -1.139 -1.103 -0.036

Notes. ∗p < 0.05, ∗∗p < 0.01, ∗∗∗p < 0.001. Estimates indicate
the average pre-classification test scores for students classified with
a low-status disability prior to the ban and after the ban. Below-
median indicates that a student was in a school with below-median
suspension rates; above-median indicates that a student was in a
school with above-median suspension rates
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